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1. INTRODUCTION 
 

Prior research describes how founders imprint an organization with an employment model that 

governs its demographic evolution through attraction, selection, and attrition dynamics (e.g., Schneider 

1987; Baron, Hannan, and Burton 1999, 2001; Baron and Hannan 2002).  Founding imprints might 

generate demographic path dependence in several ways. First, obviously, a new venture’s founding 

demographic imprint can persist if headcount neither increases nor decreases.  Second, new ventures 

might hire individuals who are similar to current employees (Phillips 2005; Beckman and Burton 2008; 

Ferguson, Cohen, Burton, and Beckman 2015). Third, dissimilar employees might depart new 

organizations at higher rates than similar ones (Sørensen 2004; Phillips 2005; Burton and Beckman 

2007). This study aims to disentangle the hiring and retention mechanisms, accounting for headcount. 

Despite homogenous founding teams, many scholars suggest that new organizations face what we 

term a “diversity imperative.” As Stinchcombe (1965: 149) states, “new organizations must rely heavily 

on social relations among strangers.”  In other words, founder preferences for familiarity and similarity 

must be relaxed if new organizations are to survive and prosper (e.g., Stinchcombe, 1965; Aldrich and 

Zimmer, 1986; Ruef 2002, 2010; Beckman 2006; Taylor and Greve 2006; Eesley, Hsu, and Roberts 2014; 

Aven and Hillmann 2014).  The upshot of this work is that a new venture’s success chances are improved 

by integrating diverse personnel who complement the founding teams’ capabilities and perspectives.  We, 

therefore, consider how founding imprints persist despite this diversity imperative and the perpetual 

shuffling of personnel among established and new organizations.   

Like prior work (e.g., O’Reilly, Caldwell, and Barnett 1989; Williams and O’Reilly 1998; 

Sørensen 2000 2004), social categorization theory (Turner, et al 1987) and similarity-attraction theory 

(Berscheid and Walster, 1978; McPherson, et al. 2001) inform our arguments. Social categories enable 

distinctions between in-group and out-group members – and associated positive or negative evaluations. 

While social categorization theory emphasizes the human tendency to avoid out-group members, 

similarity-attraction theory emphasizes the tendency to seek in-group members. Both tendencies run 
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against the supposed imperative to diversify new venture personnel and motivate our predictions 

concerning the effects of hiring and attrition on organizational demography. 

We define group membership and measure new venture homogeneity based on the prior 

employers of all personnel so that, for example, homogeneity is maximized when all members share the 

same single prior employment affiliation. Our focus on prior employers is justified by two key findings of 

prior work.  First, founding a new organization with former co-workers alleviates the liability of newness 

(e.g., Eisenhardt and Schoonhoven 1990; Burton, Sørensen, and Beckman 2002; Ruef 2010). Second, 

many organizations embed employment relationships in members’ prior employment affiliations to 

alleviate information asymmetry (e.g., Rider 2012). Accordingly, we argue that new ventures contribute 

to workforce segregation by employing personnel who previously worked for few organizations that are, 

on average, less diverse than the communities from which their members are drawn.  

To test our arguments, we analyze a cohort of 986 companies founded in Denmark in 1996 

through their thirteenth year of operations in 2008. To analyze how an organization’s prior employer 

demography evolves with hiring and attrition, we compile 10-year, pre-venture career histories for all 

14,343 individual personnel of these companies from 1996 to 2008. Consistent with imprinting, we find 

that current homogeneity of prior employers is increasing with homogeneity at founding. Furthermore, 

homogeneity decreases with cumulative hiring but increases with cumulative attrition.  We infer that, with 

respect to members’ prior employers, demographic persistence in new ventures is more attributable to the 

challenge of integrating unfamiliar new hires (i.e., differential retention) than it is to excluding unfamiliar 

individuals in the recruiting process (i.e., differential hiring).1 To support our claim that such tendencies 

contribute to workforce segregation, we probe empirical relationships between prior employer 

homogeneity and other dimensions of demographic homogeneity (i.e., country of origin, gender, age) to 

establish clear associations between prior employer homogeneity and other bases of homogeneity. 

                                                
1 With respect to hiring and retention, we use the adjective “differential” as Sørensen (2004) does – to indicate that 
the rate of the respective variable varies systematically with a particular demographic variable (e.g., prior employer).    
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We offer several contributions to organizational theory. First, prior studies of segregating 

mechanisms focus exclusively on either differential hiring (e.g., Cohen, Broschak, and Haveman 1998; 

Petersen, Saporta, and Seidel 2001; Petersen and Saporta 2004; Fernandez and Fernandez-Mateo 2006; 

Fernandez-Mateo and King, 2011; Cohen and Broschak 2013; Rubineau and Fernandez, 2013) or 

differential retention (e.g., Elvira and Cohen 2001; Sørensen 2000; 2004; Zatzick, Elvira, and Cohen 

2003) in established organizations. We analyze both mechanisms to establish how organizational 

demography evolves from founding for a large, representative cohort of new ventures.  Second, we 

include all personnel in our analysis so our insights expand upon prior studies that focused exclusively on 

top management teams (e.g., Sørensen 2000; Boone, et al. 2002; Beckman, Burton, and O’Reilly 2007; 

Boone and Hendriks 2009; Eesley, et al. 2014; Ferguson, et al. 2014).  Third, we conclude by discussing 

important implications of this study for research on workforce segregation and new venture performance.   

 

2. THEORY 
 

2.1.  Founding Team Familiarity and Workforce Segregation 

New organizations are risky propositions (Stinchombe, 1965).  Trust among founders is critical 

and, consequently, new organizations are often founded by close associates who are familiar to each 

other.  For example, Ruef et al. (2003) analyze a large representative sample of U.S. startups and find that 

founding teams are largely composed of individuals with strong ties (e.g., kin, spouses, partners) and 

similar in terms of gender, ethnicity, and occupation.  Another analysis of the same data revealed that 

only 10 percent of founders are strangers to each other (Aldrich, Carter, and Ruef 2002). Because shared 

prior employment experiences enable individuals to become familiar to each other, new organizations are 

often founded by former co-workers (Freeman, 1986; Klepper and Sleeper 2005).  Drawn from the same 

employer, such close associates share organizing models (Beckman 2006) and are often demographically 

similar (McPherson and Smith-Lovin 1987; McPherson, et al. 2001; DiMaggio and Garip 2012).   
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Social capital models of closure imply that familiarity among founders facilitates effective 

communication and fosters trust (Coleman 1988; Burt 2000).  But, entrepreneurship research implies that 

such familiarity may persist beyond the point of being beneficial. Ruef, et al., (2003: 217) observe that, 

“Even in a situation where we might reasonably expect stringent economic rationality to prevail – and 

thus lead to choices based on the functional diversification of achieved characteristics – we find that 

[founding] team composition is driven by similarity, not differences.” Founding imprints that prioritize 

familiarity among personnel may preclude development of a fully-functional venture whose members 

complement each other (e.g., Beckman and Burton 2008; Ruef 2010).  We elaborate below. 

 

2.2. A “Diversity Imperative”? 

That founding teams are composed of known and trusted associates might be unsurprising; much 

economic life is embedded in such associations (Granovetter, 1985; DiMaggio and Louch 1998). But, this 

founding logic based on familiarity contrasts with an alternative logic based on functional 

complementarity.  Ruef (2010: 60) succinctly states, “…the development of an entrepreneurial group [a 

founding team] with a high degree of similarity in age, gender, and ethnicity may contribute to a lack of 

functional diversity.”  Becker (1957) expresses similar sentiments in his seminal work on the economics 

of discrimination; restricting the potential personnel pool may be performance-diminishing.  For example, 

founding team familiarity might come at the expense of access to diverse information and knowledge 

(Burt 1992, 2005; Reagans and Zuckerman 2001; Cummings 2004; Aldrich and Kim 2007).   

As employee roles become more differentiated by functions the need for diverse information and 

experiences among personnel probably grows stronger (Blau and Schoenherr, 1971; Ruef 2010). For 

example, a study of Silicon Valley startups found that IPO chances were greater if a new venture’s top 

management team worked for many prior employers (Beckman, Burton, and O’Reilly 2007).  Another 

study of MIT-affiliated new ventures found that diverse roles were associated with higher rates of IPO or 

acquisition (Eesley, et al. 2014).  New ventures founded in late imperial Russia raised more capital if 

founding teams composed of cohesive associates integrated members who provided diverse connections 
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to other organizations (Aven and Hillmann 2014).  A field experiment found that teams assigned a diverse 

gender mix performed better than those assigned an entirely male group (Hoogendoorn, Oosterbeek, and 

van Praag 2013).  Another study found that biotech ventures attracted more institutional investors if the 

top management team had more diverse prior employment affiliations (Higgins and Gulati 2006).  

These studies imply that diversifying personnel can help new ventures offset the liability of 

newness (Stinchcombe, 1965; Freeman, Carroll, and Hannan, 1983).  Yet, other studies indicate that new 

ventures typically maintain founding homogeneity (e.g., Beckman and Burton 2008; Ferguson, et al. 

2014).  The literature on founding imprints suggests that a new venture’s founding demography will 

persist, despite this diversity imperative.  We consider challenges to meeting the diversity imperative. 

 

2.3.  Founding Imprints 

 Organizations typically avoid changing founding features because survival depends upon 

reproducing reliability and accountability (Hannan and Freeman, 1984; Hannan, Baron, Hsu, and Koçak 

2006).  With respect to personnel, imprinting research demonstrates strong persistence in founding 

structures and organizational policies governing attraction, selection, and attrition. These “employment 

models” establish bases of personnel attachment, coordination, control, and selection (Baron, Hannan, 

and Burton 1999).  For example, studies of Silicon Valley new ventures find that an organization’s initial 

employment model exerts enduring influences on bureaucracy (Baron, Burton, Hannan 1999; Baron, 

Hannan, Burton 1999) and that changes to the model increase rates of turnover (Baron, Hannan, Burton 

2001) and failure (Hannan, et al 2006).  We think that risk-averse organizations source personnel from 

familiar organizations that are lesser in number than those that could reasonably provide suitable labor. 

Several studies speak even more directly to the enduring imprint of founding conditions on 

organizational demography.  In a longitudinal study, Phillips’ (2005) establishes that law firms exhibit 

gender inequality similar to that exhibited by founders’ prior employers, ostensibly because founders rely 

upon personnel practices obtained from prior work experiences. In another longitudinal study, Burton and 

Beckman (2007) introduce the concept of “position imprints” – characteristics of a position’s initial 
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occupant serve as a template for future occupants of that position.  They find that turnover rates for a 

given position are decreasing to the extent that the current occupant is similar to the initial occupant.  

Another study of two IT firms found that employees performed better when the current level of 

organizational munificence was similar to munificence levels when they joined the firm (Tilcsik 2014).  

These studies imply that founding conditions imprint a new venture and govern its evolving demography 

through hiring, evaluation, and retention.   

We aim to reconcile two empirical facts.  First, new organizations are typically founded by 

similar people (e.g., Ruef, et al. 2003).  Second, established organizations are typically staffed by similar 

people (e.g., Reskin, et al. 1999).  In combination, the literatures on founding teams and on workforce 

segregation indicate that founding homogeneity persists.  We, therefore, offer a testable hypothesis. 

Hypothesis 1:  The more homogenous its initial personnel, the more homogenous is an organization’s 
current personnel.   
 
 

2.4. Differential Hiring and Retention.   

A new venture’s post-founding demography is shaped by hiring and attrition.  With respect to 

these two mechanisms, founding homogeneity could persist over time if one of five conditions is met, all 

else equal, as a new venture evolves.  First, if an organization neither increases nor decreases headcount 

then founding homogeneity will persist. Second, if organizations hire candidates similar to employees at 

higher rates than candidates dissimilar to employees then homogeneity will persist. Third, if organizations 

retain similar employees at higher rates than dissimilar employees then homogeneity will also persist.  

Fourth, homogeneity could persist if the rate at which similar employees are hired exceeds the rate at 

which they depart and the respective rates for dissimilar employees do not.  Fifth, similarity could persist 

if the rate at which similar employees are retained exceeds the rate at which they are hired and the 

respective rates for dissimilar employees do not.  Below, we consider how such tendencies might develop.   

The effect of cumulative hiring on new venture diversity depends upon whether employees hired 

earlier or later in a new venture’s life cycle are more likely to be similar to current employees.  The 
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diversity imperative implies that person-organization fit is a negative function of one’s similarity to other 

employees.  As new venture roles become more differentiated and diverse perspectives more valuable, 

individuals dissimilar to current employees will be better fits than similar individuals.  If so, then each 

successive hire will reduce homogeneity because subsequent hires are increasingly less likely to be 

similar to current employees.  Also, similar employees will be less valued than dissimilar ones.  If so, 

then similar employees will depart the organization at higher rates than dissimilar ones and each 

successive departure will reduce homogeneity.  The diversity imperative motivates two hypotheses. 

Hypothesis 2:  Organizational homogeneity is decreasing with the number of employees hired by the 
organization. 
 
Hypothesis 3:  Organizational homogeneity is decreasing with the number of employees who exit the 
organization. 
 

2.5. Person-Organization Fit and Founding Imprints 

The literature on person-organization fit leads us to expect that founding demography will persist 

despite the preceding predictions motivated by the diversity imperative.  Although many organizations 

operate on the belief that certain individuals fit better than others, assessing fit ex ante is difficult, costly, 

and unreliable (Hunter and Hunter 1984; Chatman 1989; Caldwell and O’Reilly 1990).  Such assessments 

are particularly challenging for new ventures because the cultural values that govern attraction-selection-

attrition are in flux (Stinchcombe 1965; Schneider 1987; Chatman 1989 1991; Ruef 2010). But, 

assessment can be simplified: job candidates and employees are likely to be viewed as better fits if current 

personnel are familiar with them.  Such influences present obstacles to meeting the diversity imperative. 

Two theoretical views inform our expectations. Social categories based on salient demographic 

indicators frame perceptions of “fit” by defining membership in the in-group or out-group (Turner et al. 

1987).2  Such distinctions are important because when people interact with similar others (i.e., the in-

group) they tend to be more trusting and cooperative, ostensibly because they view each other more 

positively (Tajfel 1982; Tajfel and Turner, 1986; Flynn, Chatman and Spataro 2001) than when they 

                                                
2 Williams and O’Reilly (1998) and Sørensen (2000 2004) discuss these theories in greater detail.  We simply apply 
similar arguments. 
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interact with dissimilar others (i.e., the out-group).  Because individuals feel attachments to organizations 

in which they can form relationships with similar others (e.g., Tsui, Egan and O’Reilly 1992; Reagans 

2010), social categorization theory implies that people avoid encounters with dissimilar others.  

Conversely, the similarity-attraction principle implies that people seek interactions with similar others.  

Both tendencies may counter the diversity imperative and, consequently, sustain founding homogeneity.   

Although organizations may need to employ dissimilar individuals to prosper, organizations also 

likely view employment candidates who are similar to current employees as good fits (e.g., Rivera 2012).  

Such similarity effects could dominate organizational efforts to diversify personnel.  First, the initial 

position-holder’s characteristics become de facto criteria for evaluating their successors (Miner 1987; 

Burton and Beckman 2007). Second, recruiting through employees’ networks helps organizations identify 

good fits (Fernandez, Castilla and Moore 2000; Peterson, Saporta and Seidel 2000; Yakubovich and Lup 

2006; Sterling, 2014).  Accordingly, organizations tend to employ personnel who share prior education or 

prior employment backgrounds (e.g., Oyer and Schaefer 2010; Rivera 2011; Rider 2012).  Homophily 

implies that such personnel will be demographically similar (Braddock and McPartland 1987; 

McPherson, et al. 2001; Reskin, et al. 1999) so that, as Rubineau and Fernandez (2013) demonstrate 

formally, employee-based referrals tend to maintain homogeneity in personnel. 

Founding imprints might prevent a new venture from meeting the diversity imperative, 

suggesting viable null hypotheses for Hypotheses 2 and 3.  Founders and early employees might hire and 

retain individuals who are similar to current personnel based on the belief that similar individuals fit 

better than dissimilar ones.  Hypothesis 1 might, therefore, be supported if organizations only partially 

meet the diversity imperative (i.e., Hypothesis 2 or 3 is supported by not both hypotheses).  For example, 

new ventures might diversify personnel through hiring but dissimilar personnel might depart at higher 

rates than similar personnel. In this scenario, we would infer that differential retention offsets the 

diversifying effects of hiring. Alternatively, new ventures might increasingly value diverse personnel so 

that homogeneity decreases with cumulative attrition but increases with hiring.  Here, we would infer that 

new ventures retain diversity but are challenged to diversify personnel by hiring.  Our empirical analyses 
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probe these possibilities to better understand how typically homogenous founding teams evolve into fairly 

homogenous organizations despite the supposed imperative to diversify new venture personnel. 

 

3. Data and Variables 

3.1 Data Description 

Our data come from three databases maintained by Statistics Denmark. Starting in 1996, The 

Entrepreneur Database records all new businesses registered in Denmark each year. The Firm Database 

consists of all businesses operating in Denmark each year from 1995 to 2010 and all individuals working 

in those businesses on a full-time or part-time basis. The Integrated Database for Labor Market Research 

(IDA) is an employer-employee matched panel database that contains detailed firm and personnel data 

from 1980 to 2008, enabling us to identify all individuals active in the workforce in a given year and to 

match current employees to their prior employers.  

We sample our cohort of organizations founded in 1996 from The Entrepreneur Database 

because 1996 is the first year of database availability. We rely on the Firm Database and the IDA to 

further restrict the sample to organizations that are operational so that demographic measures can be 

constructed, and have at least two people working for the organization as their primary jobs (i.e., we 

exclude sole proprietorships). Personnel are identified in the IDA, which provides their employment 

histories and demographic data.   

The final sample includes 986 new ventures that create 1,673 full-time jobs in 1996 and provide 

on average 2,006 full-time jobs per year between 1996 and 2007. For each organization-year, we extract 

personnel data – headcount, hires, and exits.  Consistent with a liability of newness, our cohort exhibits a 

low survival rate: 50 percent are observed for five years or less and only 25 percent are observed for the 

entire 13-year observation window.  

3.2 Measures 

(1)      Organizational Homogeneity 
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Our primary measure of homogeneity for each organization is based on the prior employment 

affiliations of all organizational personnel, including founders and employees.  Each year, we identify all 

individuals working at the sampled ventures and extract their employment records from the previous ten 

years.  We then construct the Herfindahl-Hirschman Index (HHI) based on individuals’ prior employers 

using the following equation, 

!!" ! !
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where i = 1, 2, 3, …, n denotes any person in the firm, and j = 1, 2, 3, …, N denotes any prior employer 

associated with these individuals. !"! !!!!"#$"!!"#$%&!!!  counts the number of person i’s prior 

employers, and !"! !"!!"#$%&!! counts the number of individuals in the current startup who worked for 

employer j before. The greater this index, the more homogenous are the prior employment affiliations of 

organizational personnel.  The cohort mean of HHI is 0.167 throughout the entire observation period, and 

is 0.188 in the founding year (see Table 1).  To test Hypothesis 1, we lag this variable by one year and 

center at zero.  Hypothesis 1 implies a positive coefficient on this control variable.   

[Insert Table 1 about here] 

(2)       New Hires and Exits                 

The databases enable us to identify all personnel who joined or exited the organization each year. 

We record an exit event if an organizational member previously identified as personnel in the data no 

longer appears in the data as a current member.  We record a hiring event in the year an individual, who is 

not identified as personnel in the prior year, appears as a member of the organization.  An original 

variable in the database, employment status, allows us to distinguish hiring and exit events from 

temporary leaves of absence. The mean count of annual hires between 1997 and 2008 is 2.0, and the mean 

count of annual departures during this period is 1.7. Based on this data, we construct two variables that 

index annually-updated counts of cumulative hires and exits, respectively, for each organization.  

Hypothesis 2 implies a negative coefficient on the cumulative hiring variable and Hypothesis 3 implies a 

negative coefficient on the cumulative attrition variable. 
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3.3. Summary Statistics 

Table 1 presents descriptive statistics for our new venture cohort. Column (1) reports the mean 

value of these variables in the overall sample, and columns (2) – (7) summarize each variable at the end 

of subsequent two-year intervals.  The cohort becomes smaller in count over time but, consistent with a 

diversity imperative, becomes slightly more diverse in terms of members’ prior employers. 

Our data provide three measures of firm size: (1) the cross-sectional count of employees during 

the November registration period, (2) the count of individuals employed at any point during the last year, 

and (3) the full-time equivalent count of employees in the last year.  Table 1 shows that our cohort 

ventures are fairly small but increase in headcount over time. The average employee counts during the 

November registration period and during the calendar year are 6.0 and 9.0, respectively. Accounting for 

part-time status of some employees, the average number of full-time equivalent employees is 4.1. In the 

empirical analysis, we use the cross-sectional count of employees during the November registration 

period as our primary measure of firm size.3 Table 1 shows that the size of firms in our sample is 

increasing steadily over time, from 3.3 in 1996 to 8.0 in 2006.   

On average, 10.1 people are hired and 7.3 people depart in a given year of observation. Given that 

the new organizations in our sample are fairly small, founding team members and early employees 

compose a large proportion of each organization’s personnel and this is especially true in each 

organization’s early years. We, therefore, construct a variable that updates the cumulative number of 

original members (i.e., founders and early employees) who departed from the focal organization since 

founding. This variable is included in the regression model to alleviate the concern that persistence in 

founding demography is attributable to repeated inclusion of the original personnel in our dependent 

measure. The value of this variable is less than 3.0 throughout the entire observation period. 

Firms included in our sample were founded in three primary sectors: wholesale and retail (43%), 

construction (20%) and knowledge-intensive business services (12%). The industry distribution remains 

                                                
3 In an unreported sensitivity analysis, we re-estimated all models using the other two size measures and found 
similar results. 



12 
 

similar across years and our analyses control for differences across sectors (and more specific industries) 

with fixed effects.   

4. Empirical Analysis and Results 

We divide the empirical analysis into two parts. In the first part, we examine current 

organizational diversity as a function of founding team demography as well as cumulative hiring and 

attrition. In the second part, we investigate in more detail how in-group and out-group distinctions 

influence variation in diversity via turnover of personnel.   

4.1 The persistence of founding homogeneity in new ventures 

(1)      Graphical analysis 

To assess how diverse the new ventures in our cohort are at founding, relative to established 

organizations within the same industry, we computed our dependent variable (i.e., HHI of prior 

employers) for all employers in the Danish economy in 1996 as a benchmark. Figure 1 demonstrates that 

the new ventures in our sample are less diverse than industry incumbents in every industry except for 

knowledge-intensive business services (KIBS). The difference is particularly salient in low-tech 

businesses and the personal services sectors.  

[Insert Figure 1 about here] 

To assess the evolution of organizational demography, we plot cohort mean values of our dependent 

variable, conditional on survival, for our sample from 1996 to 2007.  Figure 2 plots this annually-updated 

value against the workforce-wide mean value of diversity in 1996. The convergence of these values in 

later years is consistent with the diversity imperative – our cohort is, on average, less diverse than 

established organizations but surviving ventures tend towards the benchmark as time passes.4   Our 

regression analyses disentangle the relative contributions of hiring and attrition to this trend. 

[Insert Figure 2 about here] 

(2)      Regression analysis 

                                                
4 The 1996 HHI value for the firm population is significantly different from the HHI value for the startups at the 
10% level or better from 1996 to 1998, and from 2004 to 2007.  
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Figures (1) and (2) suggest that new ventures tend to diversify personnel as they evolve.   We 

propose that the observed evolutionary pattern is governed by differential hiring and retention. Our 

analysis is dedicated to evaluating the role of cumulative hiring and cumulative attrition in the evolution 

of organizational diversity. We, therefore, estimate the following equation,                 

             !!"!" ! !! ! !!!!"!! ! !!!"#$!" ! !!!"#$!" ! !!!" ! !!! ! !!"                (1) 

The dependent variable is an indicator of organization i’s homogeneity of prior employment 

affiliation in year t. A higher value of !!"!" indicates that personnel working at organization i in year t 

previously worked for fewer prior employers. 

The key independent variable, !!"!!, measures organization i’s homogeneity of prior employers 

at the time of founding. !"#$!" and !"#$!" are the log of the cumulative hires and exits for organization i 

from founding until year t, respectively. The covariates !!" include controls for firm characteristics in 

year t, such as firm size that is measured by the number of employees who were employed in the firm 

during the November registration period, location, the total number of functional roles, the cumulative 

exits of founders and original employees, and industry. Industry fixed effects include: construction, low-

tech intensive business activities, manufacturing, post, telecommunication and transportation, wholesale 

and retail, and two types of service: (1) knowledge-intensive business services and (2) public and personal 

services.5  

We control for geographic location with a Copenhagen indicator variable because new ventures 

located in the capital region may access a more diverse local labor force than those located elsewhere in 

Denmark. Because demographic diversity may overlap with functional differentiation, we also count the 

number of functional roles in the organizations every year and control for this variable in the regression, 

so that the observed outcome of demographic diversity is less likely to be driven by the structure of the 

organizations rather than their labor pool.6 By controlling for the cumulative exits of founders and 

                                                
5 As a robustness check, we re-estimate our models with fixed effects for 16 more specific industries that are akin to 
two-digit SIC codes and obtain similar results.  
6 The data provide detailed information about the functional role taken by individuals in the firms. For example, at a 
four-person firm in wholesale and retail, we could identify the functional roles of the four individuals as general 
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original employees, we intend to explore the possibility that organizational demography changes 

substantially with founder turnover. As all organizations in our sample were founded in the same year 

(1996), we do not control for firm age, but do include year fixed effects, denoted by !! to account for 

otherwise unobserved time-varying influences common to all organizations in the cohort.   

Column (1) of Table 2 reports results from our regression of prior employer homogeneity on the 

control variables. The estimated sample consists of observations for which there are at least two 

individuals with prior employment records in the firm. Homogeneity of members’ prior employers is 

decreasing with firm size and increasing with functional differentiation, although the latter relationship is 

not as strong as that with firm size. But, interestingly, turnover of original members increases 

homogeneity. Although this relationship appears to be weak in column (1), it becomes statistically 

significant when we estimate the regression model with a full specification.  

[Insert Table 2 about here]    

Column (2) presents our baseline result.  Consistent with Hypothesis 1, we find a strong and 

positive correlation between homogeneity at founding and subsequent periods with respect to prior 

employment affiliations. In an unreported regression, we estimate such correlation by each year, and 

consistently find an enduring positive correlation between founding demography and demography in the 

following years.  But, this result could be produced in several ways. First, the positive relationship may 

result from zero, or nominal, turnover in organizational personnel. Second, if most new organizations 

consist largely of founding members then persistence could be attributable to our repeated inclusion of 

these members in our dependent variable. Third, founding team demography may imprint organizations 

with an employment model that governs subsequent hiring and retention to reproduce similarity over 

time.  We are interested in gauging the plausibility of this third explanation.    

We first include in column (3) of Table 2 the log counts of cumulative hires and exits. By 

including these two variables, we examine how new venture demography evolves with additions to and 

                                                                                                                                                       
management, internal office work, clerk and cash work, and registration work on the stock of finished products and 
means of production, respectively. 
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subtractions from organizational personnel. Consistent with Hypothesis 2, we find that homogeneity of 

prior employment affiliations is decreasing with cumulative hiring. A 10% increase in cumulative hiring 

decreases personnel homogeneity by 0.009. This result is consistent with the notion that organizations 

hiring employees sourced from more prior employers as they evolve. But, inconsistent with Hypothesis 3, 

homogeneity increases with cumulative attrition. A 10% increase in cumulative attrition increases 

personnel homogeneity by 0.003. This result indicates that new ventures sustain homogeneity by retaining 

demographically similar employees at higher rates than dissimilar ones.  

In column (4), we include the interactions between initial homogeneity and the log counts of 

cumulative hiring and cumulative attrition, respectively, to evaluate whether or not founding imprints 

moderate the hiring and attrition effects. Our argument suggests that the observed effects of cumulative 

hiring and attrition vary with founding demography. The results reported in column (4) show that both 

cumulative hiring and attrition variables still strongly influence demography as before but also that the 

cumulative hiring and attrition effects are strongest for organizations founded by homogenous founding 

teams.  The greater the founding team homogeneity, the more cumulative hiring reduces personnel 

homogeneity but, also, the more cumulative attrition increases homogeneity.7  In column (5), we control 

for more fine-grained industry categories, and the results remain qualitatively the same.8   

The results reported in columns (3) - (5) have two implications. First, the observed hiring effect is 

consistent with the diversity imperative argument but the attrition effect is consistent with the imprinting 

argument. In other words, diversity gains of hiring are largely offset by differential retention. Second, the 

interaction effects imply that organizations founded by very homogenous personnel diversify 

substantially by hiring personnel but also that such organizations retain dissimilar employees at lower 

rates than organizations founded by more diverse teams do.  

                                                
7 In an unreported sensitivity analysis, we constructed the dependent variable based on organizational members' 
most recent prior employment affiliation and repeated the estimation in column (4). The obtained main and 
interaction effects of hiring and attrition have the expected signs, but are less significant than those reported in 
column (4). This difference implies that all recent employment experiences – not just the most recent one –influence 
person-organization fit.   
8 In an unreported sensitivity analysis, we repeat the estimation in column (5) in a sub-sample of firms surviving to 
2007 and again find qualitatively similar results.      
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We interpret these moderation effects with caution. It could simply be that the hiring or attrition 

pattern is similar across all firms, but that homogenous organizations are closer to the statistical 

maximum on the outcome than more diverse organizations are.  The moderation results may not 

necessarily be evidence of a persistent imprint but, rather, a statistical artifact of our dependent measure, 

which is bound at 0 and 1.9  We employ two empirical strategies to adjudicate between these two 

possibilities. Our first strategy is to use the fixed-effects model to control for unobserved firm 

heterogeneity. Second, we explore an alternative strategy by analyzing individual hiring and attrition 

events based on comparisons of the focal individual’s demographic characteristics and the organization’s 

workforce demography.  

In column (6), we examine within-organization evolution in the fixed-effects model. Note that the 

main effect of founding homogeneity drops out of the specification because this covariate does not vary 

within organization over time.  The results demonstrate that cumulative hiring tends to reduce 

homogeneity, and the effect is larger at firms founded with lesser diversity. But, the effect magnitudes are 

slightly reduced for both the main and the interaction terms. Moreover, cumulative exits have a less 

significant effect on increasing homogeneity after we incorporate firm fixed effects. The interaction effect 

between cumulative exits and founding homogeneity becomes insignificant. These results imply that 

retention practices that influence personnel diversity might be more firm-specific than hiring practices.   

The first part of the analysis offers two main findings. First, consistent with Hypothesis 1, 

founding homogeneity persists as a new venture evolves. Second, consistent with Hypothesis 2, diversity 

increases with cumulative hiring but, inconsistent with Hypothesis 3, decreases with cumulative attrition. 

These results indicate that retention presents new ventures with a greater diversity challenge than hiring 

does.  That is, the new venture story of failing to meet the diversity imperative is more a story of failing to 

retain diversity than it is a story of failing to hire diversity.  In the second part of our analysis, we draw on 

                                                
9 In an unreported sensitivity analysis, we re-estimate the specifications in columns (1) - (5) using a generalized 
linear model (GLM) with a logit link and the binomial family to account for the fact that the value of the dependent 
variable is bound at zero and one. We find similar results with this estimation approach.     
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social categorization and similarity-attraction theories to examine more specific in-group and out-group 

influences on new venture demography at the individual unit of analysis.   

4.2 Differential Retention 

Our data enable identification of all individuals at-risk of organizational exit in each time period, 

but we are unable to similarly identify all individuals at-risk of hiring. Therefore, we employ different 

analytical strategies for exploring differential hiring and retention and our analysis of retention is more 

robust than our hiring analysis, which is presented in the next section.10    

Following Sørensen (2004), we explore the differential retention mechanism in two ways. First, 

we examine the effect of being associated with a well-represented demographic group within an 

organization on a member's likelihood of turnover. The descriptive summary presented in Table 3 shows 

that, compared to personnel who stayed, those who left firms are less likely to be an in-group member, 

and also have a smaller number and fraction of colleagues with whom they share the same recent prior 

employer.  

[Insert Table 3 about here]  

(1)      The Effect of Group Representativeness on Turnover 

We estimate the following model:   

             !"!!!"#$!"#! ! !! ! !!!"#!"$"%&'&()"!"#!! ! !!!" ! !!!"!! ! !!!" ! !!"#                 (2) 

The dependent variable, !"#$!"#, equals one if person i left organization j at time t, and zero if 

otherwise. The variable, !"#!"$"%&'&()"!"#!!, refers to any of our three proxies for group representation, 

all of which are measured at time t-1.  

We first estimate a simple relationship between the representation of an individual’s demographic 

group within the organization and her likelihood of exit, after controlling only for the year effects, !!", 

where !!" is a vector of year dummies. We then include in the model the individual and organizational 

factors. At the individual level, covariance !!" is a vector that includes demographic and employment 
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characteristics of person i at time t, such as age, marital status, education, nationality together with her 

employee type (full/part-time), tenure, position, and whether or not she was an original member.. At the 

organizational level, we control for organizational size, geographic location at time t-1 and industry at the 

founding year, captured by covariance !!"!!.11 

Table 4 reports the logit estimates with the most recent prior employment affiliation.12 Columns 

(1) – (3) show that an organizational member is less likely to leave the organization if more members 

share the same recent prior employer as her or if her latest employer is the most represented prior 

employer among organizational personnel. These results provide the primary support for differential 

retention.  

 [Insert Table 4 about here]   

In columns (5) – (7), we estimate the full model, as given by equation (2). The logit estimates 

reported in columns (5) and (6) suggest that after controlling for various individual and organizational 

factors, the negative effect of being in a well-represented demographic group on the likelihood of 

individual turnover remains unchanged and significant. Based on the estimated coefficients, the result on 

marginal effects indicates that a focal member’s probability of exit is reduced by 0.03 with an additional 

coworker sharing the same prior employer, and is reduced by 0.26 if the fraction of coworkers having the 

same prior employer is increased by one percent. These results are consistent with Sørensen’s (2004) 

finding that employees exit at lower rates if they belong to a well-represented racial group in the firm. In 

column (7), the estimated coefficient on the variable, ingroup, retains the negative sign although becomes 

insignificant.  

(2)       The Effect of Changes in Group Representativeness on Turnover 

To examine how the likelihood of turnover responds to the dynamic change in the representation 

of one's demographic group, we estimate the following two models,  

             !"!!!"#$!"#! ! !! ! !!!"#!"$"%&'&()"!"#!! ! !!!"! !"#$!!"#$!!"!!  

                                                
11 We control for industries in the founding year, because firms rarely moved between industries in our data.     
12 Similar results are obtained with a piecewise-constant exponential model.    
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                                                          !!!!"! !"##!!"#$!!"!! ! !!!!" ! !!!"!! ! !!!" ! !!"#      (3) 

             !"!!!"#$!"#! ! !! ! !!!"#!"$"%&'&()"!"#!! ! !!!"! !"#$!!!"#!!"!! 

                                                            !!!!"! !"##!!!"#!!"!! ! !!!" ! !!!"!! ! !!!" ! !!"#    (4) 

The variable, !"#!"$"%&'&()", is measured by the proportion of members in the same demographic 

group. The key independent variables are the number of same-group exits or hires as the focal individual 

in the previous period. A focal person's demographic group in the organization becomes better 

represented if there is an increase in the same-group hires or different-group exits. Similarly, her 

demographic group becomes less represented if there is an increase in different-group hires or the same-

group exits. Differential retention based on in-group/out-group distinctions implies that the focal person is 

more likely to leave the firm if her demographic group becomes less representative. 

Table 5 reports the logit estimates of models (3) and (4).13 Column (1) suggests that a person is 

less likely to leave the firm if there are relatively more organizational personnel who worked for the same 

employer most recently as him. His likelihood of turnover is increasing with the departure of people who 

do not share the same recent prior employer, but is decreasing as more people from his prior employment 

group left the firm in the previous period. This result is at odds with the idea of differential retention, 

which suggests that as one's demographic group becomes less representative, the turnover rate of the focal 

member would increase. Including an interaction term between exits and original members in column (2), 

we find no evidence that original members respond differently to the same-group exits, compared to other 

members in the organization. But the departure of different-group members has a stronger positive effect 

on turnover for the original members. Moreover, if the exits of different-group members represent the 

majority of observed departures, it is likely to capture the overall exit tendency of employees. This 

possibly explains why the likelihood of individual turnover appears to be increasing with the total exits of 

different demographic group members. In column (3), we include firm-fixed effects to explore within-

                                                
13 Similar results are obtained with the piecewise-constant exponential model.    
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firm variations. We find the same relationship between the likelihood of turnover and two types of exits, 

as observed in the previous columns.  

 [Insert Table 5 about here]   

We also examine the effect of same-group hiring on the likelihood that an organizational member 

leaves the firm. In column (4), we find that the likelihood of turnover is increasing with both the same-

group hires and the different-group hires. While the positive relationship between different-group hires 

and the likelihood of turnover is consistent with the idea that individuals are more likely to leave a firm if 

her demographic group becomes less representative, the positive effect of same-group hires on the 

likelihood of turnover is unexpected. In column (5), we find no significant difference between the original 

members and others in the relationship between the likelihood of turnover and the two types of hiring. 

The results remain similar when we include firm-fixed effects in column (4). 

 The overall results in Table 5 suggest that there is probably more than one mechanism that 

explains how the dynamic change of an organization's demographic composition affects an organizational 

member's likelihood of departure. On the one hand, one is more likely to leave if her demographic group 

becomes less representative because of new exits from the same group or new arrivals into the different 

demographic groups, and vice versa.  The empirical evidence provided by Sørensen (2004) supports this 

mechanism of differential retention. 

On the other hand, one is more likely to leave if more similar individuals work for the 

organization. This substitution mechanism implies that, a focal member may become more valuable if 

more people exit from the same demographic group, but may become less desirable and therefore more 

likely to leave if more arrive into the same demographic group. It is anticipated that the evidence on this 

mechanism is prominent when we focus on demographic groups defined by prior employment affiliation. 

Moreover, one’s exit likelihood could also be a reflection of the high frequencies of labor mobility during 

firm expansion or contraction. In our data, the latter two forces clearly dominate the mechanism of 

differential retention, resulting in mixed findings on how the change of demographic composition affects 

an organizational member's likelihood of turnover.   
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 4.3      Differential Hiring 

We are unable to perform an identical analysis on differential hiring, because we do not observe 

the pool of all candidates at-risk of hiring (e.g., applicants). Instead, we perform a simple analysis at the 

firm level by examining the relationship between organizational homogeneity and the total counts of in-

group hiring, i.e., the new entries into the most representative demographic group within an organization.    

We focus on all 986 firms in the dataset and their new hires during the period between 1997 and 

2008. Among the total 5,771 firm-year observations, 35 percent are associated with zero new hires and 96 

percent with no in-group hires.  Given the excess zeroes in the data, we estimate a zero-inflated negative 

binomial model, where the part of count model is given by 

 !"! !"!!"#$%&'!!"#$%!" ! !! ! !!!!"!"!! ! !!!"#$%!!"#$%!" ! !!!"!! ! !!! ! !!"           (7) 

The dependent variable is the number of new hires in firm i at time t, who are affiliated with the most 

representative prior employer in the firm at time t-1. The independent variable of particular interest is the 

prior employer-based HHI at time t-1. Covariates !!"!! denote a set of controls for firm characteristics at 

time t-1, such as firm size, location, as well as industry. !! includes year dummies. We also control for the 

total number of new hires at time t, denoted by !"#$%!!"#$%!". 

Our goal for this exercise is to explore whether the persistence of founding homogeneity is 

attributable to differential hiring of people similar to the existing members. If this were true, we would 

expect that organizations with greater demographic similarity are associated with more in-group hires. 

Without the control for total hires, the result reported column (1) of Table 6 shows no significant 

relationship between these two variables. This relationship, however, becomes negative and significant 

after we control for the size effect of total hires, as shown in column (2), suggesting that highly 

homogeneous organizations are less likely to hire in-group members than more diverse organizations are. 

Of course, unobserved firm characteristics that subsequently affect hiring behavior and the composition of 

organizational personnel might bias our results. We think that this potential endogeneity issue, however, 
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would create an upward bias in this result, which further suggests that differential hiring is not necessarily 

responsible for the persistence of founding homogeneity.    

[Insert Table 6 about here] 

 In column (3), we report the fixed-effects estimates from a general negative binomial regression. 

After removing the unobserved time-invariant firm heterogeneity, we continue to find that organizations 

with greater homogeneity hire fewer in-group hires. The findings in columns (2) and (3) support the 

hiring prediction of the diversity imperative (i.e., Hypothesis 2).   

The hiring and turnover analyses are consistent with our firm level results.  The persistence of 

founding homogeneity seems more attributable to differential retention that to differential hiring.     
 

5. Discussion 

Our empirical analyses provide support for Hypotheses 1 and 2 but not Hypothesis 3. New 

ventures founded by individuals with fairly homogenous prior employment affiliations tend to remain 

fairly homogenous as they evolve. Consistent with the diversity imperative, personnel tend to be affiliated 

with a more and more diverse set of prior employers as a new venture hires more and more personnel. But, 

consistent with imprinting, personnel tend to be affiliated with a less and less diverse set of prior 

employers as more and more individuals depart the venture.  Both effects are net of controls for 

headcount, industry, age, and founder retention. Our analyses of organizational exits and hires are 

consistent with these results.  We, therefore, infer that persistence in founding homogeneity is more 

attributable to the challenge of retaining diverse personnel than to not hiring them in the first place.  The 

diversity imperative appears to present more of a retention challenge than a hiring one. 

We proposed that by embedding employment in organizational members’ prior employment 

affiliations, new ventures contribute to workforce segregation.  This argument is grounded in the 

empirical observation that organizations are typically less diverse than the communities from which their 

members are drawn (e.g., McPherson and Smith-Lovin 1987; Popielarz and McPherson 1995).  Figure 1 

demonstrates that the new ventures in our sample, on average, employ personnel drawn from a less 
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diverse set of prior employers than do established organizations within the same industry.14  So, new 

venture diversity is not simply limited by ecological constraints (e.g., Ruef, et al. 2003).  But, our results 

do not speak directly to segregation based on salient demographic dimensions like age, gender, or race.   

To demonstrate the contribution of new venture personnel tendencies to workforce segregation, 

Table 7 presents pairwise correlations between our key demographic measure (i.e., the concentration 

index of prior employment affiliations) and standard measures of demographic homogeneity (i.e., within-

firm concentration of age, gender, and country of origin – the data’s closest indicator of race). These 

descriptive statistics demonstrate that homogeneity in the prior employers of new venture personnel is 

positively correlated with homogeneity in terms of age, gender, and country of origin. New ventures that 

source personnel from few prior employers are also less diverse in terms of age, gender, and country of 

origin than those that employ personnel drawn from many prior employers. These results support our 

claim that embedding employment in members’ prior employment affiliations contributes to workforce 

segregation.  Future research might attend to the causal nature of this empirical relationship and also 

consider how these demographic dimensions overlap in social space (e.g., McPherson & Popielarz 1995). 

[Insert Table 7 about here] 

Several aspects of Denmark might cast doubt on our study’s generalizability.  First, Denmark 

might not be as demographically diverse as other nations. This concern is somewhat alleviated by treating 

prior employer as the basis for our diversity measure.  Moreover, Figure 1 demonstrates that the new 

ventures in our sample can plausibly be more diverse.  Second, these new ventures are much smaller than 

those typically included in studies of workforce segregation.  But, most organizations start small and such 

young and small organizations create many new jobs each year (Decker, et al. 2014).  This is the portion 

of the workforce that has been largely omitted from prior work; inclusion provides new insights on the 

persistence of workforce segregation.  Last, the new ventures in our sample are drawn from many 

                                                
14 Within-region comparisons similarly reveal that new ventures are less diverse than established organizations 
located in the same region. 
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industries and sectors.  Constructing a large cohort and including all personnel in the analysis necessitates 

such a broad sampling frame.  Future research might employ a similar research design for a larger but 

more narrowly defined sample (e.g., industry). 

The diversity imperative suggests that initially homogenous organizations that do not diversify 

personnel will perform worse than if they had become more diverse.  The between-firm implications are 

less clear and ongoing work seeks to establish the performance implications of starting a new venture 

with a more or less homogenous founding team (e.g., Aven and Hillmann, 2014; Eesley and Wu, 2014).  

A cursory analysis of our sample reveals that the 202 new ventures that survived for 10 years were, on 

average, more diverse than the 986-venture cohort was at founding (see Table 1).  We focused on hiring 

and retention mechanisms, respecting the difficulty of inferring performance effects of diversity given 

environmental constraints on composition and limited insight into organizational processes (e.g., 

Reagans, Zuckerman, McEvily 2004; Boone and Hendriks 2009).  Future research might identify 

performance implications of new venture diversity at founding and thereafter by attending to reverse 

causality (i.e., Does diversity cause performance or do performance expectations cause diversity?).   

 

6. Conclusion 

By following the demographic evolution of new ventures and attending to differential hiring and 

retention, our study links organizational founding to broader patterns of workforce segregation.  New 

ventures create jobs but the matching of people to those jobs reproduces workforce demography.  It is 

unsurprising that new ventures are less diverse than established organizations within the same industry, 

given the role of familiarity in founding processes (e.g., Ruef, et al. 2003; Ruef 2010).  But, post-

founding, new ventures continue to employ individuals who were previously employed by organizations 

that are, on average, less diverse than the communities from which their members are drawn.  With 

respect to prior employers, new ventures seem to hire diverse personnel but struggle to retain them.  



25 
 

These results support calls for organizations interested in employing diverse personnel to focus as much 

on post-hire integration as they do on hiring (e.g., Sørensen 2000). 
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Table 1. Summary Statistics for New Venture Cohort, By Year. 

 

 
Overall 1996 1998 2000 2002 2004 2006 

No. of Employees (Yearly) 9.02 5.17 8.14 9.84 10.71 10.67 11.88 
No. of Employees (November) 5.99 3.26 5.29 6.70 7.41 7.46 8.03 
No. of Full-Time Equivalent 4.06 1.70 3.49 4.65 5.33 5.39 5.97 
Cumulative Hires at t+1 10.06 2.05 5.76 10.18 13.75 17.59 22.16 
Cumulative Exits at t+1 7.33 0.94 3.69 7.23 10.45 13.76 17.37 
Cumulative Exits of Founders  1.75 1.00 1.70 1.96 2.08 2.12 2.24 
Industry 

          Manufacturing 9.53 8.32 9.12 10.61 10.27 9.81 9.78 
   Construction 20.36 17.24 18.84 20.61 22.16 23.10 24.28 
   Wholesale and retail 42.63 47.77 45.14 40.41 40.27 39.56 38.04 
   Transport, post, telecomm  4.31 3.75 3.95 4.49 4.59 5.06 4.71 
   Low-tech intensive business activities 5.86 7.61 6.53 5.71 4.32 4.11 4.35 
   Public and personal services 4.82 3.65 4.71 4.90 5.14 5.70 5.80 
   Kibs 12.49 11.66 11.70 13.27 13.24 12.66 13.04 
Firm-year observations 5,771 986 658 490 370 316 276 
Demography 

          HHI (Prior Employer) 0.17 0.19 0.16 0.15 0.17 0.19 0.13 
Firm-year observations 4,891 746 570 439 335 278 202 

 
Note: There are fewer observations for HHI(Prior Employer) because we exclude 148 firm 
observations with no identified employment record for all members and 732 observations in 
which HHI was calculated based on a single member.   
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Table 2. The Persistence of Founding Homogeneity (Prior Employment Affiliation) 
 

 
 

 
OLS Regressions 

 
DV: Homogeneity at t (HHI) 

 
(1) (2) (3) (4) (5) (6) 

Homogeneity at t0 (centered) 
 

      0.412***       0.391***       0.718***       0.717*** 
 

  
(6.72) (7.16) (11.48) (11.62) 

 Log of Cuml. Hires 
  

      - 0.088***        -0.088***        -0.090***      -0.066*** 

   
(-8.85) (-9.51) (-10.12) (-5.24) 

Log of Cuml. Exits 
  

      0.032***       0.030***       0.030***     0.018** 

   
(4.29) (4.07) (4.06) (2.10) 

Workforce Homogeneity at t0*Log Cuml. Hires  
  

       -0.377***        -0.377***     -0.273*** 

    
(-5.61) (-5.77) (-3.33) 

Workforce Homogeneity at t0*Log Cuml. Exits  
  

     0.165**     0.169** 0.123 

    
(2.36) (2.48) (1.45) 

No. Of Functional Roles   -0.004* -0.003 0.002 -0.001 0.000 -0.001 

 
(-1.93) (-1.54) (0.93) (-0.35) (0.05) (-0.39) 

Log of Cuml. Founder Exits 0.008       0.024***       0.019***   0.011* 0.012      -0.034*** 

 
(1.27) (4.06) (2.74) (1.65) (1.73) (-2.96) 

Log of Firm Size       -0.090***       -0.079***       -0.028***       -0.027***       -0.029***       -0.083*** 

 
(-10.1) (-10.57) (-3.15) (-3.23) (-3.45) (-5.82) 

Copenhagen (0/1) -0.003 -0.002 0.001 -0.002 -0.003 0.043 

 
(-0.21) (-0.16) (0.1) (-0.17) (-0.29) (0.56) 

Industry fixed effects Y Y Y Y N Y 
Fine-grained industry fixed effects N N N N Y N 
Year fixed effects Y Y Y Y Y Y 
Firm fixed effects N N N N N Y 
(Overall)R2 0.283 0.411 0.461 0.519 0.5229 0.239 
Obs. 3,294 3,294 3,294 3,294 3,294 3,294 

 
        T-statistics based on standard errors clustered at the firm level are in parentheses. Significance levels: *** 0.01, ** 0.05, * 0.1. 
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Table 3.  Descriptive Statistics for Members Who Stay and Exit. 

 

 
Stay Exit T-stat 

Panel A. (1) (2) (3) 
Log. Hourly Wage 4.45 4.60 -8.17 
Full Time 0.72 0.53 33.73 
Tenure at the Startup 3.52 2.09 45.55 
Founding Member 0.42 0.20 38.57 
Danish 0.96 0.94 9.06 
# of Same Prior Employer 0.50 0.21 20.66 
Share of Same Prior Employer 0.06 0.02 24.39 
In-group Member 0.57 0.43 22.89 
Obs.  22,240 9,676 --- 
Panel B. (1) (2) (3) 
# of Exits with the Same Prior Employer 0.09 0.05 7.99 
# of Exits with Different Prior Employer 3.03 7.58 -53.50 
# of Hires with the Same Prior Employer 0.33 0.56 -24.95 
# of Hires with Different Prior Employer 3.79 6.87 -34.51 
Obs. 20,199 8,726 --- 

  Note: Fewer observations in panel B are due to the shorter observation window 
  for new hires and exits. 
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Table 4. Effects of Demographic Group Representativeness on Member Exit Likelihoods.  (Last Prior Employer) 

 
Discrete-Time Logit Regressions 

 
Dept Var: =1 if exit at time t 

 
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) 

# with same prior employer  
-0.348*** 

  
-0.172*** -0.116***     

 
(-15.23) 

  
(-10.06) (-6.36)     

% with same prior employer   
-3.375*** 

  
 -1.519*** -1.128***   

  
(-20.23) 

  
 (-10.26) (-6.5)   

Ingroup (0/1) -0.627*** 
    

   -0.045 -0.107*** 
(-21.25) 

    
   (-1.38) (-3.17) 

Age 
   

-0.006*** -0.005*** -0.006*** -0.005*** -0.006*** -0.006*** -0.006*** 

    
(-4.24) (-2.96) (-3.46) (-3.03) (-3.52) (-4.09) (-3.72) 

Male (0/1) 
   

0.021 0.014 0.022 0.021 0.024 0.021 0.026 

    
(0.64) (0.42) (0.58) (0.63) (0.62) (0.66) (0.69) 

College (0/1) 
   

0.074 0.064 0.033 0.081 0.039 0.074 0.043 

    
(0.92) (0.80) (0.37) (1.00) (0.45) (0.92) (0.49) 

Married (0/1) 
   

-0.240*** -0.240*** -0.189*** -0.237*** -0.189*** -0.240*** -0.189*** 

    
(-6.50) (-6.49) (-5.00) (-6.43) (-4.99) (-6.50) (-5.01) 

Danish (0/1) 
   

-0.183** -0.166** 0.123 -0.157** 0.127 -0.177** 0.128 

    
(-2.53) (-2.30) (1.50) (-2.17) (1.55) (-2.43) (1.56) 

Tenure 
   

-0.125*** -0.122*** -0.089*** -0.126*** -0.090*** -0.125*** -0.091*** 

    
(-13.00) (-12.76) (-9.31) (-13.18) (-9.45) (-13.04) (-9.52) 

Log. hourly wage 
   

-0.312*** -0.308*** -0.346*** -0.312*** -0.347*** -0.309*** -0.343*** 

    
(-12.47) (-12.36) (-12.39) (-12.52) (-12.42) (-12.36) (-12.25) 

Full time (0/1) 
   

-0.739*** -0.727*** -0.726*** -0.729*** -0.724*** -0.738*** -0.724*** 

    
(-20.17) (-19.88) (-18.88) (-19.92) (-18.83) (-20.12) (-18.77) 

Original Member (0/1) 
   

-0.566*** -0.482*** -0.386*** -0.459*** -0.373*** -0.557*** -0.405*** 

    
(-11.14) (-9.33) (-7.14) (-8.86) (-6.88) (-10.85) (-7.47) 

Log. No. of employees 
   

0.152*** 0.185*** 0.498*** 0.148*** 0.476*** 0.144*** 0.455*** 

    
(8.96) (10.82) (11.47) (8.76) (10.98) (7.94) (10.42) 

Copenhagen (0/1) 
   

0.187*** 0.183*** 0.092 0.190*** 0.074 0.188*** 0.082 

    
(5.30) (5.18) (0.47) (5.40) (0.37) (5.32) (0.41) 

Year fixed effects Y Y Y Y Y Y Y Y Y Y 
Industry fixed effects Y Y Y Y Y Y Y Y Y Y 
Controls for position Y Y Y Y Y Y Y Y Y Y 
Firm fixed effects N N N N N Y N Y N Y 
Ave. Log pseudolikelihood -0.599 -0.603 -0.600 -0.521 -0.519 -0.451 -0.519 -0.451 -0.521 -0.451 
Obs. 32,538 31,916 31,916 31,324 31,324 30754 31,324 30,754  31,324 30,754 
We control for positions with three dummy variables, indicating manager, skilled worker, and unskilled worker, respectively. The omitted category is employer. In all columns, we 
consistently find that employers are less likely to leave the firm than people in all other three positions. The results are significant at the one percent level. Z-scores based on 
standard errors clustered at the individual level are in parentheses. Significance levels: *** 0.01, ** 0.05, * 0.1. In an unreported analysis, we include more fine-grained 
industry controls and obtain qualitatively the same results.  
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Table 5.  Effects of Changes in Demographic Group Representativeness on Exit Likelihoods.  (Latest Prior Employer) 
 

 
Discrete-Time Logit Regressions 

 
Dept Var: =1 if exit at time t 

 
%1& %2& !#" %4& %5& !$" 

% with same prior employer       -1.235***      -1.191*** -0.901***     -1.376***     -1.369*** -1.093*** 

 
(-6.65) (-6.36) (-4.23) (-7.25) (-7.12) (-5.08) 

Exits in the previous year 
  

 
  

 
 Same demographic group     -0.102**     -0.157** -0.118** 

  
 

 
(-2.15) (-2.34) (-2.36) 

  
 

 Different demographic group       0.021***       0.020*** -0.006 
  

 

 
(6.14) (5.75) (-1.27) 

  
 

 Same Exits * Original Member 
 

0.104  
  

 

  
(1.13)  

  
 

 Different Exits * Original Member 
 

    0.033**  
  

 

  
(2.40)  

  
 

Hires in the previous year 
  

 
  

 
 Same demographic group 

  
       0.102***       0.096*** 0.071*** 

   
 (4.92) (4.58) (3.17) 

 Different demographic group 
  

       0.034***       0.034*** -0.006 

   
 (11.08) (11.03) (-1.03) 

 Same Hires * Original Member 
  

 
 

0.120  

   
 

 
(1.42)  

 Different Hires * Original Member 
  

 
 

0.010  

   
 

 
(1.10)  

Individual/Firm Characteristics 
  

 
  

 
Age  -0.003*  -0.003* -0.005***    -0.004**    -0.004** -0.005*** 

 
(-1.93) (-1.85) (-2.75) (-2.48) (-2.44) (-2.95) 

Male (0/1) 0.045 0.046 0.054 0.038 0.037 0.053 

 
(1.30) (1.32) (1.36) (1.10) (1.08) (1.32) 

College (0/1) 0.109 0.107 0.039 0.098 0.097 0.039 

 
(1.29) (1.27) (0.42) (1.15) (1.15) (0.42) 

Married (0/1)      -0.227***      -0.227*** -0.175***      -0.219***     -0.220*** -0.175*** 

 
(-5.84) (-5.86) (-4.42) (-5.67) (-5.69) (-4.44) 

Danish (0/1) -0.102 -0.102 0.087 -0.098 -0.099 0.075 

 
(-1.31) (-1.31) (1.01) (-1.24) (-1.27) (0.87) 

Tenure      -0.128***      -0.129*** -0.088***      -0.114***       -0.115*** -0.079*** 

 
(-13.26) (-13.36) (-9.14) (-11.52) (-11.57) (-8.03) 

Log. hourly wage      -0.310***       -0.310*** -0.344***      -0.318***        -0.318*** -0.349*** 

 
(-11.83) (-11.86) (-11.73) (-12.16) (-12.16) (-11.88) 

Full time (0/1)       -0.737***       -0.736*** -0.739***     -0.740***       -0.740*** -0.739*** 

 
(-18.83) (-18.84) (-18.28) (-18.97) (-18.99) (-18.27) 

Original member (0/1)       -0.589***      -0.668*** -0.543***      -0.535***      -0.584*** -0.523*** 

 
(-12.00) (-11.62) (-10.43) (-10.70) (-9.76) (-9.92) 

log. No. of employees      0.094***       0.089*** 0.493***    -0.060**     -0.066** 0.515*** 

 
(4.44) (4.21) (10.05) (-2.37) (-2.57) (8.40) 
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Copenhagen (0/1)      0.159***       0.161*** 0.175      0.139***      0.140*** 0.173 

 
(4.29) (4.33) (0.69) (3.72) (3.74) (0.68) 

Year fixed effects Y Y Y Y Y Y 
Industry fixed effects Y Y Y Y Y Y 
Controls for position Y Y Y Y Y Y 
Firm fixed Effects N N Y N N Y 
Ave.Log pseudolikelihood -0.516 -0.516 -0.450 -0.514 -0.513 -0.450 

Obs.  28,333   28,333  27,912   28,333   28,333  27,912  

We control for positions with three dummy variables, indicating manager, skilled worker, and unskilled worker, respectively. The omitted category is employer. In all columns, we 

consistently find that employers are less likely to leave the firm than people in all other three positions. The results are significant at the one percent level. Z-scores based on standard 

errors clustered at the individual level are in parentheses. Z-scores based on standard errors clustered at the individual level are in parentheses. Significance levels: *** 0.01, **  0.05, 

* 0.1. In an unreported analysis, we include more fine-grained industry controls and obtain qualitatively the same results.  
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Table 6. Zero-Inflated Negative Binomial Models of the Number of Ingroup Hires. 

 
 Dep Var: Number of Ingroup New Hires 

 
Negative Binomial Regressions 

 
Zero-Inflated  

 
Fixed-Effects  

 
(1) (2) 

 
(3) 

HHI 2.527    -2.113** 
 

     -3.645*** 

 
(1.12) (-2.34) 

 
(-2.91) 

No. of New Hires 
 

      0.226*** 
 

       0.055*** 

  
(4.28) 

 
(4.34) 

Log of Firm Size       0.673*** -0.052 
 

     -0.457*** 

 
(3.75) (-0.40) 

 
(-2.65) 

Copenhagen (0/1) 0.366 0.351 
 

0.193 

 
(1.33) (1.61) 

 
(0.37) 

Year fixed effects Y Y 
 

Y 
Industry fixed effects Y Y 

 
Y 

Firm fixed effects N N 
 

Y 
Ave. Log pseudolikelihood -0.200 -0.191 

 
-0.323 

Obs.  5,102   5,102  
 

 1,366  
 
Z-scores are in parentheses. In columns (1) and (2), standard errors clustered at the firm level. 
Significance levels:   *** 0.01, ** 0.05, * 0.1. 

 
 
 
 
 

Table 7.  Pairwise Correlations Among Measures of Demographic Homogeneity. 
 

  

 
Prior Employment 

Affiliation Country of Origin Age Gender 

Prior Employment 
Affiliation --    
Country of Origin 0.039* --   
Age 0.047* 0.013 --  
Gender 0.154* 0.159* 0.032* -- 

Significance level: * 0.05. 
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Figure 1.  New ventures are more homogenous than established organizations. 
  

(with 95% confidence intervals) 
 

 

 
 

 
Figure 2.  The evolution of new venture demography. 
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