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Trusting Strangers?The Processof Information Exchangein
Online Communities of Entrepreneurs

ABSTRACT: Online communities of entrepreneurs (OCEs) offer important
information sourcesover the digital platforms for entrepreneurs.Prior studieshave
not fully explained the processof how online information exchangeoccurs beyond
the general patterns of reciprocity. Drawing from interpersonal communication and
social network theories, we propose and empirically test a model of online
information exchange using an integrative approach of both relational and
structural perspectives.First, the interactions in OCEs generateboth competence
and benevolencebasedtrusts from the communications of useful information and
emotional support. Second,the two dimensions of trusts and network positions
positively link to information transfer measured by breadth of topics. Empirical
support is obtained by analyzing the survey and text data with 31,588 instant
WeChat messagesn China. These findings provide a preliminary step towards
understanding the processof how entrepreneurs acquire information through an
online community.

Key words: Entrepreneurship;Online community; Trust Social exchange, Social
networks

1. Introduction

Finding accesgo new information and scarceresourceasalwaysbeena challengefor
entrepreneurgDubini and Aldrich, 1991; Stuart and Sorenson,2007). Respondingto this
challenge, online communities of entrepreneur§OCESs) have emergedin various digital
platformslike Facebooklinkedin and WeChat(a mobile social networkin China)to broaden
their social networks. Entrepreneursn online communitiesexchangeinformation and social
supportvoluntarily since they sharea commoninterestas well as conviction (Sproull, 2004).
Prior studieshave found that the motivaions for participationin online communitiesinclude
informationaccesgOgan,1993;Hippel, 200]), adviceseeking(Preece2000),bonding(Lakhani
andvon Hippel, 2003),reputationbuilding andaltruism(WaskoandFaraj,2005).However,few
have explainedthe processof how information exchangeand trust occur amongcommunity
memberdesideghe generalpatternof reciprocity (FarajandJohnson2011;BakerandBulkley,
2014). Therefore,we aim to fill the gap by proposingand testing a model of information
exchangeausinganintegrativeapproaclof bothrelationalandstructuralperspectives.

We draw on the lens of interpersonatommunicatiorand social networkto investigatethe
exchangeelationshipsat anindividual level in OCEs Communications a critical factorin the
processof forming trust (Andersonand Narus, 1990; Ruppel and Harrington, 2000). Extant



researchhas conceptualizedrust as a two-dimensionalconstructin the information transfer
context: competence- and benevolence-based trust (Levin and Cross, 2004; Mayegndavi
Schoorman, 1995). The former refewOthe group of skills, competences and characteristics that
allow a partyto have influence within some domain (Mayer and Davis, 1999; p. 124)(atfEne
refersto Othe exterib which a trusteés believedto wart to do goodo the trustor, aside fromn
egocentric profit motive (Mayer and Davis, 1999, p. 124).0 Specifically, OCE mémbers
communication of useful information leatls the growth of competence-based trust, and the
provision of emotional support leattsthe increase of benevolence-based trust. In addition, the
feature of digital medidacilitates OCE membergo overcome thesameplace sametime
limitation inherentin faceto-facesettings (Faaj and Johnson, 2011). Online communication not
only enables peopléo articulate their perspectives and maintain contact tws, but also
provides information embeddea the everydayife eventsin the community (Hampton, 2015).
Therefore, the aggregations of competence- and benevolence-basedamistssupported by
prolonged use of digital communication platforms.

From a structural perspective, a memberOs position within the sociatknptedicts the
extent of informatioraccessand control availableo the member. Network newcomers prefer
link to more visible otherso as to obtain more resources, thereby forming av@olaw
distribution (Barabtsi and Albert, 1999; p. 512; Johnson, Faraj and Kudaravalli, 2014). In the
context of OCESs, entrepreneurs earn their central location by proactiveiggsh@ore useful
information or providing emotional suppada others. Unlike online community of technological
expertise where knowledge more specialized (e.g., programming), OCEs have more dispersed
topics about entrepreneurship across various functions and industries. Thesefaepect
members centrdb the social networko share a wider range of information topics. The breadth
of topicsis animportant indicator for information exchange and social relationship. Magsdken
Campbell (1984) consider Obreadth of topicsO teltiie OdepthO of relationship. Wide range of
topics also has tremendous value obtaining non-redundant information (Granovetter, 1973),
improving knowledge collaboration (Fare} al, 2011), and benefiting innovation (Singh and
Agrawal, 2011).

In light of the abovewe propose that théwo dimensions of trusts (competence- and
benevolence-based) and network centrality of the OCE members are posifiesiyn@
information exchange th& measured by the breadth of topics. The trusts are generated from the
individual interactions of information and emotional supp@'e testthe above model using
survey data and text records (three-month period) &oonline community of entrepreneurs on
WeChat.We obtained strong support for the model except the link of competence-based trust
with breadth of topics being negative. A possible explanasothat memberswith high
competence tentb focus their exchange on certain topics, enhancing ttodér of reciprocating
others who share tleameinterest.

Our study makes several contributions. Fitstpntributego online community literature by
explicitly disclosing the mechanism of how trusts evolve from individuaraations. Second,
our results indicate that online communities cannoédenas a "weaker" version of a physical
social network, but rather they have certain strengths that complement physia@rk



building. Last, our study also contributes to entrepreneurshipliterature. While most
entrepreneurshipstudies recognize that social media can benefit marketing or effectual
entrepreneuriahhinking (FischerandReuber,2011),our studyillustratesthat OCEscanprovide
useful information and emotional support to addressmembers(nheed for entrepreneurial
resources.

This paper is organizedas follows. Section 2 presentsa literature review on online
communities, trust, network position and information transfer. Section 3 introduces the
frameworkand hypothess. Section4 describeshe researchmethodsand datacollection. The
resultsarepresentedn Section5, followed by thediscussios anda conclusionin section6.

2. Literature Review
2.10nline Communiy

Sproull (2004 p.133 definesanonline communityas"a large,voluntarycollectivity whose
primary goalis memberor socialwelfare,whosemembersharea commoninterest,experience,
or conviction, and who interactwith one anotherprimarily over the Net." Many largescale
online communitiesemergeto servethe variousgrowth needsof firms in the pasttwo decades.
For example,online communitiessupportdistributed R& D efforts (Orlikowski et al., 1995),
enableopensourcesoftwaredevelopmen{Hippel and Krogh, 2003), supportfirm-hosteduser
interactiongJepesenandFrederiksen2006) andknowledgecreation(Majchrzak, Wagner,and
Yates, 2013). The motivationsto participatein online communitiescan be summarizedas
follow: informational, social, visibility, and altruistic (Butler et al., 2007). People often
participateasa way to gainaccesgo otherwiseobscureor inaccessiblenformationthattheyare
interestedin (Ogan, 1993; Hippel, 2001). In addition, membersalso berefit from gaining
emotionalsupportin socialrelationshipgBaym, 1999; Cummings,Sproull and Kiesler, 2001).
Like in physical social networks, peopleexpresstheir emotionsand exchangesocial support
reciprocally. Besides,online communitiesalso provide opportunitiesfor peopleto be visible
beyondthe boundarief their local work or geographicatommunity(LernerandTirole, 2000),
whichis aform of socialrecognitionto one'sfull merits,including knowledge resourcesor any
otherpersonakkills.

OCE is a kind of online communitywith majority entrepreneurspascentor experienced,
who offer eachotherhelpful informationandknowledgefor startingor growing a new business
venture.Suchcommunitieshave emergedand grown rapidly on variousonline social network
platforms,including FacebooklinkedIn, WeChat,etc. Somescholarsalsoreferto suchinterest
groupcommunitiesas @ommunityof practice@Wengeret al., 2002; Fangand Chiu, 2010) and
identify threekey componentsknowledge,peopleand social network (Chiu, Chiu and Chang,
2007).Since entrepreneureepresent small, distinctgroupof peoplefrom a largerpopulationin
the society,theyhardly canfind alargenumberof individuals includingmentorswho sharethe
sameinterestsand issuesrelevantto founding new ventureswithin their local environments
Entrepreneurslso find themselvedonely when they are faced with high failure risk, work



pressurenegativefeedback.and emotionalanxigy (Baron,2008) Therefore,OCEspresentan
occasionwherebya group of entrepreneursan communicateon an ongoingbasis.In addition,
they canbenefitfrom the empathyor encouragemergxpressedhroughsocialexchanggBaym,
1999;Cummings SproullandKiesler,2001).

2.1 Trust

Various definitions of trust exist in literatures of psychology,sociology and organization
studies(Deutsch,1958; Luhmann, 1988; Morgan and Hunt, 1994). We adopt the one from
Mayer et al. (1995) asit is widely appliedin organizationstudies.They define trust as "the
willingnessof a partyto be vulnerableto the actionsof otherparty basedon the expectatiorthat
theotherwill performa particularactionimportantto thetrustor."Scholarshave long recognized
the importanceof trust in facilitating information transfer (Dirks and Ferrin, 2001). First, it
reduceshe transactioncost of acquiing informationthatis otherwisecostly to accesgCurrall
and Judge 1995, Zaheer, McEvily and Perrone, 1998); seitoimdreases the willingness of
information providersto transfer the relevant information (Andrews and Delahay 2000,
Bhattacherjee, 2004 saiand Ghoshal, 1998). Mayetal. (1995) andMcAllister (1995) further
categorize the single idea of trustworthingss multidimensional concejgis competence- and
benevolence-based trustsevin and Cross (2004) demonstrate that both competence- and
benevolence-based trusts mediate between pemand the receipt of useful knowledge within
one organization.

Unlike the organizational settings, active information providers and infaymagekersn
online communities needb initiate their exchange and visibilitin order to support the
communal objectives and mutual interests. In online settings, isrust the one hand a key
enablernn of fostering relations exchanges between spatially dispersed peoplalpdytthose
strangers whdack of prior ties (Gefen, Karahanna, and Straub, 2003; McKnight and Chervany,
2002). , ands critical to bridge commercial information (pertaining online transactions) and
noncommeral information (more general knowledge) (Collier & Bienstock, 2006; Ridings,
Gefen, & Arinze, 2002)On the other hand, interpersonal communicatso@ssentiato building
trust (Thomas, Zolin, and Hartman, 2009). Online communication has been poesdgeking
immediate feedback, situational cues (e.g., gender, physical attribrgasjzational rank) and
interactional cues (e.g.facial expression, voice intonation) necessary for multiplexed
communication (Sproull and Kiesler, 1991). Therefore, some studies argue that online
communitiesn non-organizational environments tend twéngender trust (Ridings, Gefen, and
Arinze, 2002).With the widespread use of instant messagmngnline communities, however,
social interaction has become much more frequent, immediaténaglgt (Nardi et al., 2000).
Furthermore, the development of emoji enables useesxpress their reaction and emotions
distinctly even without a text (Walther and DOAddario, 2004 jhe best of our knowledge, the

! McAllister (1995)haslabeledthemascognition andaffectbasedrustbutthe correspondingonceps aredefined
similary.
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extentof trust arising from online communitiessupportedby instantmessaginghas not been
systematicallyexamined

2.3 Networkstructure

The structuralpropertiesof socialnetworks havebeenshownto exerta significantinfluence
on the exchangeof information For example,individuals who are more centrally locatedin a
networkarelikely to receivemoreinformationthanthosein the peripherallocations.A densely
connectedsocialnetworkis informationricher thana sparselyconnectecetwork.Scholarshave
arguedthat well-connectedsocial networksgenerallycreateand promotesocial capital among
the membersJowering the transactioncostsof information and resourceexchangeg(Coleman,
1990; Bourdieuand Wacquant,1992). In contrast,social networkswith more structuralholes
offer timely accessand control of informationbetweendisconnectealusters.Thus,individuals
who occupythe structuralholesarelikely to solvemorechallengingproblemsandperformtheir
jobs better becausediverseinformation and new ideastend to arise from different groupsof
peopleratherthanthe samegroup(Burt, 1992).

The network structuresof OCEs can be highly cohesiveand in absenceof brokerage
advantagebecausdext message can be accessibldo every memberin an online community.
However mostconversationgend to take placewithin a small clusterof active membersand
thosewho do not participatein the ongoing conversatioa may skip message as a result of
lacking involvement, time lag or infrequent login. Hence online memberscan still be
differentiatedby their relative positiors in the communityin termsof directionalconversation.
Scholarshave examinedthe effect of preferentialattachmenthat membersin lower network
positiors will preferto link to morevisible others,asthe visible groupis perceivedio be more
resourcefulor successfulBarabisiand Albert, 1999; p. 512; Johnsonret al., 2014).In OCEs,
thosewho earnhigher reputationin providing information or emotionalsupportmay therefore
have abetterchanceo be engagedn futureinformationexchange

3. HypothesesDevelopment

Communicationis an antecedentof trust (Anderson and Narus, 1990; Ruppel and
Harrington, 2000). Specifically, effective communicationof useful information or knowledge
canincreasethe professionakredentialsof information provides, andaccumulatecompetence
basedrustconsequentlyMcAlister, 1995).In OCEs,two modesof communicationpromotethe
exchangeof information direct interaction and silent learning. Direct interaction is the
conversationbetweentwo or more membersacknowledgingthe exchangeexplicitly. Some
membersraise a questionor initiate a topic to discusswhile othersmay or may not respond
When certainmembersecognizea conversatiorbeing useful, the information providerwill be
accreditedwith competencdasedtrust by the correspondingeceivers.In addition to direct



interaction, silent learning is the other mode inherentin online communities:certain other
memberswho are not involved in a conversatiordirectly may alsoreadthe contentandfind it

useful,sinceall the messagearevisible to everyonen the online communities A receivermay
not expresshis/herappreciatioror recognitionfor a variety of reasonssuchindividualspecific
uncertainty,not in the mood or time lag. If a memberconstantlycontributesinformation to

othersin online communities his/hercompetencdasedtrustwill increaseovertime, at leastin

the minds of both direct and silent participants Figure 1 demonstratesthe single and
accumulatedeffecs of direct conversationand silent learning’ Thesemodesof information
delivery cannothowever be apgied to the exchangeof emotional support, since emotional
expressionsare normally target specific and cannot be easily internalized by non affected
individuals(Cummings,SproullandKiesler,2001).Benevolencéasedrustcanonly be created
by showing explicit care or concernto others. Therefore we hypothesizethat the dyadic
exchangeof emotionalsupportand useful information positively correlateswith benevolence
basedrustandcompetencdasedrust, respectively

Hypothesis 1a In an online communi of entrepreneursthe greater the level of emotional
exchangen a dyad,thehigherthebenevolencdasedrustthe sendewill receive

Hypothesis 1b In an online communiy of entrepreneurs,the more useful information is
exchangedn thedyad,the higherthe competencdasedrustthe sendemwill receive

Trust enablescooperationin the face of uncertainty(Boyd, 2003), and lowers the risk of
interaction(Luhmann,1988).Levin and Cross(2004) demonstrateéhat higherbenevolenceand
competencédasedrustsleadto moreusefulinformation. Although their studyis focusedon the
physicalnetworkof mid-level professional®f a corporatefirm, its findings supportthe general
prediction that trustanincrease the willingnes® share (Bhattacherjee, 2002 the extent
that trust existsn online communities, the role of trustinformation transfer should holtlVe
therefore hypothesize that both benevolence- and competence-basedvittukad to more
information exchange online communities. Levin and Cross (2004) measured the outcome of
exchange by the receipt of useful information and they didnOt consider tHevahmaof
emotional supportWe suggest measuring the breadth of topics instead of the receipt of useful
information. Accordingo Marsden and Campell (1984), breadth of topics relat€3depthO of
relationship, meaning peopléath close relationship teni engagen more variees of topics.

2|n directinteraction we identify the dyadictiesthatoccurbetweeraninformationsendemndeverycorresponding
receiverwe cantraceto the sameconversationHowever,we cannotidentify thosewho learnsilently from the
informationsendetbasedn text messagesi o overcomethe measuremerissue we askedthe membersn asurvey
to nominatetheindividualsfrom whomtheybenefitmostin informationexchangeandemotionalsupport.Thus,

silentlearningis definedasthe dyadicties betweera memberanda nominatedsendemwithout anydirectinteraction.
1



Hypothesis2aln an online communityof entrepreneursthe higherthe benevolencdasedirust,
thegreateris the breadthof topicsexchangedh thedyad.

Hypothesis 2b In an online communityof entrepreneursthe higherthe competencdasedtrust,
thegreateris the breadthof topics exchangedh the dyad.

Membersof OCEslike to seekinformationandemotionalsupportfrom their peerswho may
havethe sameexperienceTo be efficient, thesememberswill not randomly spendtime and
efforts in online communication.The evaluationof an expectedreturn or reciprocity will be
basedon the experienceand observatiorof othermembers@illingnessandcommitmento help
overtime (Bhattacherjee, 2002; Wieselquettal., 1999). Such observaticanbewell captured
by the network centrality featui@ OCEs. Since every member hascessto all the online
information, a greater number of conversations involvearindividual canindicate a higher
willingness of that individuato help. On the contrary, people who atessinvolved in the
communitymay have low level of willingness and commitmentlessinformation. Therefore,
members who need help tetwlseekout those who most visibia the online community and
expect their conversatioilo be more beneficial. The positional privilegevill bring a positive
impactto the exchangan terms of both breadth of useful information and emotional support.
Thus,we propose oulasthypothesisasfollows:

Hypothesis 31In an online community of entrepreneurs, the more central the position the
member occupies the network, the greatas the breadth of topics he/she will engage
conversation with other members.

4. Methods
4.1 Sample and Data Collection

The sample of this studig an online community of entrepreneurs hostedNeChat, the
largest mobile social network platforin China. The communitys called OAn Alliance of
Chieftain of Small & Beautiful StufO.It has been around since 2012 and has 161 members,
including the group administrator. Since the commursta closed group, through a lengthy
request processyje finally obtained permission from the founder/administrator and were granted
a membershigo communicatein the group. Our preliminary interviews indicated that most
members are founders/owners of start-up finmsa variety of industriesWe picked this
community because the members were recepbivair request and have granted fadicesdo
their online messages, whereas other communities did not tavgdrticipate for reason of
information privacyWe understood that the members of this community araffibated with a
particular institution or organization, nor they overiapsocial circles, which might have a
significant influence on the online communication pattef¥& recognize that the sample
selection processs lessthan perfect, buas far as online interactionis concerned, the vast



numberof messagesandomlyexchangedy a crosssectionof membersoverthreemonthsdoes
not suggestthat the online behaviorsof the participantswould differ from those of open
communitiessuchasQuoraandFaebookGroupthatfocuson onlinediscussion.

We collectedour datain two ways.We distributedan online questionnairesurveyto all the
membersn the community,andwe recordedhe text messagesf all the dialoguesrom Oct 18,
2014to Jan17, 2015, accumulating31,588 messagesThe surveywas pretestedwith a small
numberof membersin the community before being distributedto all the participants.After
survey pre-test, an invitation to the online survey was postedto the entire chat group and
followed up by sendinga text messagéo notify every memberseparately The memberswvho
agreedto participatewere askedto provide an email addressandwe thensentthemthe survey
link by email The reasonfor doing this extra processis to ensurethat we can respondto
individual inquirieswith regardto the surveyvia emailratherthantexting. We werealsocareful
not to sendmassmessageshat do not contributeto the purposeof the community.By using
emails,we were able to sendremincersto only thosewho had not respondedvithin a week
(SimsekandVeiga,2001).0f 161 members86 finishedthe questionnairesvith a responseate
at53%

Each respondentwas askedto nominatetwo memberswho have been most helpful in
providing professionaladvice,and anothertwo in providing emotionalsupport.In total, each
respondentreported four relationships, thereby providing a total sample of 324 dyadic
relationships Among the respondentsmore than half of them (68%) are serial entrepreneurs
who foundedat least one firm beforethe currentventure.Their venturesare 2.5 yearsold on
averageoperateover nine major industry sectorswith 39% in the serviceindustry.In addition,
morethanhalf (60%) of the respondergthaveobtaineduniversitydegreesandnearlyonefourth
(24%) havepostgraduatedegres.

One of the authos and two researchassistantcompletedthe coding of 31,588 messages
using NVivo. Following the coding methodof discourseanalysis(Fairclough,1992), we view
therecord of thecommunityasa continuoudlow composedy manysegment®f conversation.
Each conversationsegmentinvolves severalmemberswho directly participate and for each
segmentwe alsoidentify the senderandoneor morereceiversof theinformation.The segments
are labeledin three categoriesuseful information, emotionalsupportand casualchat. Useful
informationincludesknowledgeaboutvariousfunctions(e.g.,marketing,sales humanresource
etc.)andcontactge.g.,supplier,expert,etc.). Emotionalsupportrefersto encouragemenpraise
and appreciationfor a particularproductor businessactivity (e.g. a public relation event). To
avoid the bias of subjectivejudgment, we take a conservativeapproachto recording only
conversionsthat receive positive and definite feedbackas useful information or emotional
support.For example,if someme providedan answerto the inquirer but the inquirer simply
replied with courtesybut did not overtly mentionit being useful, this messagewill not be
included as an incidenceof useful information. The first author codedthe first 10% of the
messageé3,100messagesivrote a codebookandtrainedtwo researchassistantsvho took turn
to codethe restof the messagesWe then usedNVivo to matchand comparethe two set of
coding resultsand found the consistencybetweenthe two codersto be 86%. The first author



manuallycheckedandrecodedhediscrepancieto reacha final scriptfor analysis.

4.2 Variables

Table 1 presentsdescriptivestatisticsand correlationsbetweenthe variables,and Table 2
providesthe descriptionof the measuremerfbr eachvariable.The specificitemsof competence
andbenevolencédasedrustaregivenin Table3.

Dependentariable

Breadth of topics Breadth of topics reflects how much information has been exchanged
betweenrespondentand the nominee. We included six topics suggestedoy Marsdenand
Campbell (1984): family, friends, politics, local events,work, and leisure The responsesre
countedio engenderanoverdl score.

Independentvariable

Competencéasedrust We measureompetencdasedrustusingfour itemsdevelopedy
McAllister (1995), which shareshigh similarity with Levin and Cross(2004). Some original
wordingswerereflectingworking relationshipshetweencolleaguesandwe revisedit to suit the
contextof the online community.For example, the original wordingis: Most people eventhose
who aren'tclosefriendsof this individual, trustandrespechim/herasa cowoiker.OT he adjused
versionis: Most people eventhosewho aren'tclosefriendsof this individual, trustandrespect
hisher expertisein his/herfield.OLikert scalesfrom 1 (Stronglyagree)to 7 (Stronglydisagree)
areused.The measureproduceda CronbachGOspefficient alphaof .86 in the currentstudy (see
Table3).

Benevolencéasedrust We adoptedour itemsfrom McAllister (1995)with 7-point Likert
scales This measurefocuseson the expectationof the positive responsivenesss well asthe
willingnessof exposingvulnerability by self. The wordingsare also slightly adjustedto align
with the non-hierarchicalrelationshipsn online community.We obtainthe valueof CronbachOs
coefficientalphaas.93 (seeTable3).

Dyadic communicationof useful information and Dyadic communicationof emotional
support are counts of the segmentsof useful information and emotional sugport. There are
majorly two waysin informationdelivery: oneis to answersomeon®sjuestionandanotheris to
take initiative to shareknowledgeor experienceEachsenderandreceiverof the two kinds of
transfer is identified so that we can examine how the dyadic communicationaffects the
establishmenof trust.

Centrality reflectsthe networkpositionof the respondentAmongthe variousmeasurements
of centrality,we adoptnormalizedout-degreecentralitysincethe positionof membersn OCEis
more influential from the perspetive of sending out information rather than receiving
information. Out-degree centrality sums the number of times that the respondentmakesa
dialogue.Thehigherthe score the moreoutputthatthefocal personprovidesto the community.



Othervariables

To rule out alternative explanationsother than the dimensionsof trusts and network
centrality,we controlledfor variablesrelatedto experiencavith the onlinecommunity,including
(1) the duration that memberhas beenin the community; (2) the frequencyof visiting the
community (3) whetherhaving known the nomineebeforejoining the community.In addition,
we contolled for age and genderas well as the respondentséxpertiselevel including firm
history, educationand whether being serial entrepreneursSince duration/membershipsire
consideredhavingstrongimpactto communitymemberséle performanceTindall, 2002),they
are separatednto two dummy variables(1/0) for beingwith the communityfor lessthan one
yearandbetweeroneandtwo yearsrespectively.

4.3 Analysistechniques

We test the hypothesesusing ordinary least squares (OLS) regression built with
heteroskedasticitgonsistentstandard errors (Wooldbridge, 2002). Out-degree centrality is
calculatedusing UCINET 6 for Windows (Borgatti, Everettand Freeman,2002. Since long
guestionnaires$or online survey may producemore noisein the data(Jones,1998), we asked
respondentto evaluatehe degreeof competencdasedrustassociateavith only the nominated
providess of professionahdvice,andthe degreeof benevolencéasedrustassociatedavith only
the nominatedemotional supporers. Thereforethe nomineeswere assignedscoresof either
competenceor benevolencdasedtrust exceptfor the individuals who were nominatedtwice
(33%). To evaluatethe combinedeffect of both forms of trusts we developeda proxy for
benevolencdasedrust basedon the closeneswvariable.Benevolencéasedrust andcloseness
are strongly correlatedin both groups of professionaladvice providers (.74; p<0.01) and
emotionalsupportproviders(.81 p<0.01) The proceduras to firstly regresdenevolene-based
trust on closenessjdentify the coefficient and multiply it with the closenessscore of each
professionaladvice provider Thereforethe proxy capturesthe commonvarianceof closeness
andbenevolencdasedrust,andcanhelp usinvestigatenow benevolencéasedrustaffectsthe
information transfer from a professionaladvice provider. In addition, we examinedmulti-
collinearity by calculating the variance inflation factor (VIF). The VIF scores for our
independenvariableswere all under3 andwell below the cutoff value of 10 (Hair, Anderson,
Tatham,andBlack, 1995).

5. Results
5.1 Descriptivestatistics

The descriptivestatisticsand pairwise correlationsfor the variablesusedin this study are
presentedn Table 1. The correlationtable showsOwithprior tieOhasno strongcorrelationwith



anyothervariables Previousstudiesshowthathaving prior tiesindicatealongercommunication
history and possibly a stronger trust (Krackhardt, 1992). The insignificant res@tvithprior
tieOsuggests online communication enables petplauild strong trusts and exchange a wide
range of topics even without knowiegchother before. This finding shows that OGfasbean
important source of informatian additionto the physical networks of entrepreneurs.

5.2 Network analysis

Figure 2, 3, and 4 illustrate the network structure of total communicatianioeal support
and professional adviceOn average,each individual provides 2.9 and 3.5 messages of
professional advice and emotional support (see Table 4). However the standaidrdisviig
(6.2 and 8.6), showing that the variation of communication output by the proadarge. The
top 10 providers of professional advice are No. 98, 92, 143, 15, 24, 62, 107, 119, 161 and 61.
The top providers of emotional support coaseNo. 98, 92, 107, 62, 143, 87, 41, 137, 66 and
164. Four of them appear bothlists.

5.3Testof the hypotheses

Our hypotheses predict a positekect of dyadc communication on the creation of trusts,
and the impact of trusts on information transfes.test Hypothesis 1a and llwe conducted
OLS regression usingvo dimensions of trustasdependent variables. The results are presented
in Table 3. Model 1 and 3 are baseline nied&lodel 2 shows that dyadic communication of
emotional support has a positive relatwith benevolence-based trugi<Q.01), and Model 4
shows that dyadic communication of useful informatsalsopositivdy relatedto competence-
based trusaswell (p<0.05). Hence oumwo hypotheses 1a and 1b avell supported.

By conducting Hierarchic®LS regressionye find that benevolence-based trust has positive
impact on breadth of topice<0.01), and Hypothesis 2asupported. Surprisingly, competence-
based trust shows a negative impact on breadth of topt®06). Hypothesis 2hks not
supported. In Table 7, the regression result indicates that ine@GE for more than 12 months
is strongly affecting the network central position, while bem@CE forlessthan 12 monthg
not. The full model (Model 6alsoindicates that higher out-degree centrality seuik leadto
broader coverage of togidherefore supporting Hypothesis 3. The above teart summarized
in the Table 8.



6. Discussionsand Conclusion

By studyingthe dyadc relationshipsas well as network structure,this study exploredthe
mechanisra of information exchangean online community of entrepreneursGiven the mixed
view of online ties beingweak (Sproull andKiesler,1991) or strong(Wellmanet al, 1996),we
appliedtheoriesof interpersonacommunicationand social network to establishhypotheseof
social relationships at an individual level in online communities. Our empirical study
encompassin@24 dyadsin an active online communityprovidesstrongsupportto mostof our
hypothesesThe principal resultsindicate that online communities of entrepreneurgan build
benevolenceand competencdasedtrust throughdyad communicationsTogetherwith trusts,
the networkstructureof out-degreecentralityalsocontributego informationtransferparticularly
onthebreadthof topics

It is worth noting that the two kinds of trustshaveoppositeeffectson the breadthof topics
Benevolencéasedrustbringsa positiveimpactwhile competencdasedrustexertsa negative
one.Theformeris in line with the theorythat benevolencédasedrust engendersvillingnessto
transfer, which has been suggediedorrelate highlywith information transfer (Bhattacherjee,
2002). The influence of competence-based trust appears indgflgmewhat counterintuitive.
Given thesamelevel of benevolence-based trush increasan the competence-based trustl
reduce the breadth of topics. The possible explan&itmat people would tryo makean even
contribution of knowledge or emotional support. If thegn provide more knowledge or
experienceto the community, theywill carelessin providing emotional supportOn the
contrary, members whéack entrepreneurial experienageay provide emotional support®
others as alternative to show their value. The phenomenas particularly relevantto
entrepreneurs whosine is aninvaluable resource.

We use Owithprior tieOas a control variable since the duration of knowwachotheris
relatedwith tie strength, whichmay influence trust and the breadth of topics (Granovetter, 1973).
But no significant differencen the overall resultsvas found even for benevolence-based trust
(see Table 5 and 6). This indicates that tcastemerge through online interactiaith strangers
in the absence of physical contacts. This findengpnsistentvith previous literatures that online
communitiescanovercome thsameplacesametime limitation inherenin faceto-face settings
(Faraj and Johnson, 2011), and that many virtual relationshipsegbmost of the criteria for
strongties N "They facilitate frequent, reciprocal, companionable and often supportive contact
(Wellmanetal., 2001).

Membership or duratian the community shows different results for shorter duration (within
12 months) and longer duration (12 to 24 months). The longer a membdndta/sommunity,
the more likely that he or she provides informatiothe others. Howeveif the membefeels
that he or shés not interestedh talking to other members or cannot gain inputs from others, he
or she will likely leave the community voluntarily or even be expelled by admirnstras
such, the members whowme observeas present for more than 12 montimsthe community
might imply their active participation from the beginning, demonstratingoager trust level
and a greater breadth of topics relatvéhose newer members.



Thelimitations of our studyshouldbe noticedandaddressedh future work. First, we asked
the respondentso reportthe two mostinfluential hepersin professionabdviceand emotional
supportrespectively.Theserelationshipsreflect the most importantonesinsteadof the most
representativeones to the respondent.Although nominating the most or least favorable
relationshipss popularamongsocial networkstudiesMarsdenandCampbell, 1984; McAllister,
1995), we believe a randomizedsamplingof all the dyadswould improve the accuracyand
clarity of the true natureof the relevantrelationshipsWe herebysuggesthat the interpretation
of the resultsmustbe madewith caution Secondthe respondentsf our studyareall from one
online community; samplebreadthis thereforeratherlimited. The preliminary contentanalysis
showsthatthetopic on e-commerceoperatiors occupiesa significantshareof all contens for the
top two industriesthat mostmembersbelongto are service(29%) andretail (24%). Third, our
study focuseson interpersonatrust and doesnot examinethe effect of institutional trust. The
trust betweenindividual and an institution i.e. OCE may further influence the interaction
betweenrmembersof the institution (Bachmanrand Inkpen,2011).If multiple communitiesare
to bestudiedin thefuture,institutionaltrustshouldcertainlybeincludedandexamined.

Our studymakesseveralkontributions First, it deepensur understandin@f how trustsare
establishedn online communitieswhere many membershave few or no prior ties. Existing
researclon trustin a virtual environmentfocusesmostly on the virtual teamof the firm (e.g.,
global projectteam)or usercommunitiege.g.,opensourceforum) (Dahlanderand Frederiksen,
2012; Fleming and Waguespack2007; Maznevskiand Chudoba,2000), the study of interest
groups (e.g., entrepreneurship)are very few except for general discussionson online
communitiege.g.,Farajetal, 2011).Our findings showthattrustsdo existin the virtual context
and can bridge important information through reciprocity in communites (Sproull, 2004).
Secondpur resultsindicatethatan online communitycannotbe seenasa "weaker"versionof a
physicalnetwork, but ratherhasits own strengthsand complementghe physicalnetwork. The
existenceof two dimensionsof trusts adds supportto the group social capital theory that
resaurcesareaccumulatedtagrouplevel throughindividual socialinteractiondOh et al, 2006).
The suggesteghathshowsthat the informationexchangemodelin physicalnetworks (Levin and
Cross)is not applicablein the online communitycontext.Finally, our study also contributesto
the entrepreneurshipterature.lt is inevitablethat online social networkshavea strongimpact
on the behavior of entrepreneursas well as the organizationaland social developmentof
entrepreneuriaventures(Fischer and Reuber,2011). Our results confirm that entrepreneurs
proactively seek for informational and emotional benefits in online communities, and
complementhe physicalchannelf informationsourcing.

Reference

Anderson, J., and Narud, (1990). A model of distributor firm and manufacturer firm working
relationshipsJournal of Marketing54 (1), 42-58.



Andrews, K. M., and Delahaye, BL. (2000). Influences on knowledge processes
organizational learning: The psychosocial filthyurnal of Management studje7(6),
797-810.

Bachmann, R., and Inkpey. C. (2011). "Understanding Institutional-based Trust Building
Processem Inter-organizational Relationship®rganization Studies32 (2): 281D301.

Baron, R.A. (2008). The role of benevolenade the entrepreneurial procegsademy of
managemenrReview 33(2), 328-340.

Baron, R. M., and KennyD. A. (1986). The moderatorbmediator variable distinctosocial
psychological research: Conceptual, strategic, stadistical considerationslournal of
personality and Social Psycholodi,(6), 1173-1182

Barabitsi,A. L., and Albert, R. (1999). Emergenceof Scalingin RandomNetworks, Science
(286),pp.509512.

Baym, N. K. (1999).Tune in, log on: Soaps, fandom, and online commuiibt}. 3). Sage
Publications.

Bhattacherjee,A. (2002). Individual trustin online firms: Scale development and initial
test.Journal of management informatiggstems19(1), 211-241.

Borgatti,S.P.,Everett,M.G. andFreemanL.C. (2002).Ucinetfor Windows:Softwarefor Social
Network AnalysisHarvard MA: Analytic Technologies.

Burt, R.S., 1992Structural HolesHarvard University Press, Cambrid@&A.

Butler, J. K. (1991). Toward understanding and measuring conditions of trust: Evolution of a
conditions of trust inventorylournal of managemernt7(3), 643-663.

Butler, B., Sproull, L., Kiesler, S., and Kraut, R. (2002). Community effoxnline groups:
Who does the work and whliyeadership at a distance: Researth technologically
supported work171-194.

Chong,A. Y. L., Chan,F. T., and OoiK. B. (2012). Predicting consumer decisidnsadopt
mobile commerce: Cross country empirical examination between China and
Malaysia.Decision Support Systent3(1), 34-43.

Constant, D., Sproull, L., and Kiesle3, (1996). The kindness of strangers: The usefulness of
electronicweaktiesfor technical adviceOrganization science/(2), 119-135.

Cummings,J. N., Sproull, L., and Kieslel$. B. (2002). Beyond hearing: Where the real-world
and online supporneet.Group Dynamics: Theory, Research, and Practi¢e), 78.

Dahlander, L., and Frederikseln, (2012). The core and cosmopolitans: A relational view of
innovationin user communitierganization Scienc3(4), 988-1007.

Dubini, P., and Aldrich, H. (1991). Persmal and extended networks are central to the
entrepreneurigbrocessJournal of Businesd/enturing 6(5), 305-313.

Faraj, S., Jarvenpa&. L., and MajchrzakA. (2011). Knowledge Collaboratiom Online
CommunitiesOrganization Scienc&2(5), 1224D12309.

Faraj, S., and JohnsonS. L. (2011). Network exchange patternsin online
communitiesOrganization Scienc2(6), 1464-1480.



Fischer, E., and ReubeA. R. (2011). Social interaction via new social media:(Haah
interactions onlwitter benevolence effectual thinking and behavido@rnal of business
venturing 26(1), 1-18.

Fleming, L., and WaguespadR, M. (2007). Brokerage, boundary spanning, and leademship
open innovation communitie@rganization sciencel§(2), 165-180.

Flynn, F. J.(2005). Identity orientations and forms of social exchangegganizationsAcademy
of Managemenieview 30(4), 737-750.

GranovetterM. S. (1973). The strength efeakties. American journal of sociology.360-1380

Grant, R.M. (1991). The resource-based theory of competitive advantage: implications for
strategy formulationKnowledge and strateg$3(3), 3-23.

GrossmanE. B., Yli-Renko,H., and JanakiramanR. (2012). ResourceSearch,Interpersonal
Similarity, and Network Tie Valuation in NascentEntrepreneurs@merging Networks.
Journalof Management38(6),176®1787.

Hampton, K. N. (2015). Persistent andPavasive Community New Communication
Technologies and the Future of CommunityAmerican Behavioral Scientjst
0002764215601714.

Hansen,M. T. (1999). The SearchTransfer Problem: The Role of Weak Ties in Sharing
KnowledgeacrosOrganizationSubunits Adminstrative ScienceQuarterly, 44(1), 82.

Von Hippel, E. (2001). Innovation by User Communities: Learning from OpenrSource
Software MIT SloanManagemenReview42(4),82-86.

Hair, J. F. Jr., Anderson, R. E., Tatham, R. and Black,W. C. (1995). Multivariate
Data Analysig3rd ed).New York: Macmillan.

Hippel, E. V., and Krogh,G. V. (2003). Open source software and the Oprivate-collectiveO
innovation model: Issues for organization sciel@mganization sciencel4(2), 209-223.
Hoegl, M., and Wagner$S. M. (2005). Buyer-supplier collaboratian product development

projects.Journal of Managemen81(4), 530-548.

Homans,G. C. (1958). Social Behavioas ExchangeAmerican Journal of Sociolog@3 (6):
597D606.

Jeppesenl. B., and Frederiksen.,.. (2006). Why do users contribute firm-hosted user
communities? Thecase of computer-controlled music instrument®rganization
sciencel7(1), 45-63.

Joyce, E., and Kraut, FE. (2006). Predicting continued participatiomnnewsgroupsJournal of
ComputefMediated Communicatioi1(3), 723-747.

Johnson,S. L., Faraj, S., and Kudaravall§. (2014). Emergence of powédaws in online
communities: the role of social mechanisms and preferential attathkhi& Quarterly
38(3), 795Db808.

JonesS. (Ed.). (1998). Doing Internet Research: Critical Issues and Methods for Examining the
Net: Critical Issues and Methods for Examining the.Ngstge Publications.

Kato, S., and Wiklund). (2011). Doing Goodlo Feel Good-A TheoryOf Entrepreneurial
Action Based In Hedonic Psycholodiyrontiers of Entrepreneurship Reseay&i(4), 1.



Katz, J. E., and Rice, RE. (2002).Social consequences of Internet usecessjnvolvement,
and interaction(pp. 1-463). Cambridg®&JA: MIT press.

Krackhardt, D. (1992). The strength of strongies: The importance of philosin
organizationsNetworks and organizations: Structure, form, and actid, 239.

Kuk, G. (2006). Strategic interaction and knowledge shammghe KDE developer mailing
list. Management Sciencg2(7), 1031-1042.

Lakhani,K. R., and Von HippelE. (2003). How open source software works: OfreeCGasseer
assistanceResearch Policy32(6), 923D943.

Lavelle,J. J.; Rupp,D. E.; BrocknerJ. (2007). "Taking a Multifoci Approacto the Study of
Justice, Social Exchange, and Citizenship Behavior: The Target SiynN&vdel'. Journal
of Management33 (6): 841D866.

Lawler, EdwardJ. (2001). "An Affect Theory of Social Exchange’American Journal of
Sociologyl07 (2): 321352

Levin,D. Z., and Cross, R. (2004). The strengthvebktiesyou cantrust: The mediating role of
trustin effective knowledge transfevlanagement sciencg0(11), 1477-1490.

Lewis, J.D., and WeigertA. (1985). Trustaisa social realitySocial forces63(4), 967-985.

Lerner, J., and Tirole]. (2001). The open source movemefey research questionsuropean
EconomicReview45(4), 819-826.

Majchrzak, A., Rice, R. E., Malhotra, A., King, N., and Ba(2000). Technology adaptation:
The caseof a computer-supportadter-organizational virtuateam.MIS quarterly 24(4),
569-600.

Marsden,P. V., and CampbellK. E. (1984). Measuringie strengthSocial forces63(2), 482-
501.

Mayer, R. C., Davis). H., and Schoormaif,. D. (1995).An integrative model of organizatiah
Maznevski,M. L., and Chudobak. M. (2000). Bridging space ovéime: Global virtual
teamdynamics and effectivenes3rganization sciencel 1(5), 473-492.

McAllister, D. J. (1995). Benevolence and CognitionBased Trust as Foundations for
InterpersonalCooperationin OrganizationsAcademyof Managemengfournal, 38(1), 24b
59. http://doi.org/10.2307/256727

McKnight, D. H., and ChervanyN. L. (2001). Conceptualizing trust: A typology and e-
commerce customer relationships modetoceedings of the 34th Hawaii International
Conference on System Sciences.

McLure, W. M., and Faraj,S. (2005). Why Should | Share? Examing Social Capital and
Knowledge Distributionn Electronic Networks of Practic®IS Quarterly 29(1), 35-57

Morris, M. H., Kuratko, D. F., Schindehutte, M., and Spivack, J. (2012). Framing the
entrepreneurial experiendeéntrepreneurship Theory and Practjdé(1), 11-40.

Nardi, B. A., Whittaker, S., and Bradnd, (2000, December). Interaction and outeraction:
instant messagingn action. InProceedings of the 2000 ACM conference on Computer
supported cooperative wo(kp. 79-88). ACM.

Ogan, C. (1993). Listserver communication during the gulf war: What kind of maditime
electronic bulletin board3dournal of Broadcasting and Electronic Med&¥(2), 177-196.



Orlikowski, W. J., Yates, J., Okamura, K., and Fujimotdyl. (1995). Shaping electronic
communication: the metastructuring of technolagythe context of usérganization
science6(4), 423-444.

Park, C. L., Cohen.,. H., and Murch, RL. (1996). Assessment and prediction of stress-related
growth.Journal of personality64, 71-106.

Pennings,J. M., and WoiceshynJ. (1987). A typology of organizational control aris
metaphorsResearchn the Sociology of Organizations 75-104.

Podsakoff,P. M., MacKenzie,S. B, Lee,J. Y., and Podsakoff\. P. (2003). Common method
biasesin behavioral research: a critical review of the literature and recommended
remediesJournal of applied psycholog88(5), 879.

Porter, C.E. (2004). A typology of virtual communities: A multi disciplinary foundation for
future researchlournal of Computer-Mediated Communicatit®(1), 00-00.

Powell,W. W. (1996) Trust-based forms of governance, IMRKramer andl. R. Tyler (Eds.),
Trustin organizationgpp. 51-67). Thousand Oaks, CA: Sage.

Preece,J. (2000).0Online Communities: Designing Usability, Supporting SociabiliphnWiley
& Sons, Chichestet)K.

Putnam, RD. (2001).Bowling alone: The collapse and revival of American commuS8ityion
and Schuster.

Ridings, C. M., Gefen, D., and Arinze, B. (2002). Some antecedentffantsof trustin virtual
communitiesJournal of Strategic Information Systediy3), 271-295.

Ruppel, C., and Harringtors. (2000). The Relationship of Communication, Ethical Work
Climate,and Trustto CommitmentandInnovation.Journalof Businesgthics 25(4),313
328

Shane,S., and Cable,D. (2002). Network ties, reputation,and the financing of new ventures.
ManagemenScence 48(3), 364-381.

Simsek, Z., and Veigd, F. (2001). A primer on internet organizational surv&ysganizational
research methodd4(3), 218-235.

Singh, J., and Agrawah. (2011). Recruiting for ideas: how firms exploit the prior inventions of
new hiresManagement Sciencg7(1), 129-150.

Smith,J.B., and BarclayD. W. (1997). Theeffectsof organizational differences and trust on the
effectiveness of selling partner relationshigsurnal of Marketing3-21.

Sproull, L., 20040nline communitieClty, 3, 733-744.

Sproull, L. and S. Kiesler, 1991.Connections: New Ways of Workinmg the Networked
Organization.The MIT Press, Cambridg®jass.

Stuart,T. E., and SorensoR). (2007). Strategic networks and entrepreneurial vent8testegic
Entrepreneurship Journal(3-4), 211-227.

Sudweeks, F., McLaughlin, M., and Rafa#éi,(1998).Network and netplay: Virtual groups on
the InternetMIT Press.

Thomas,G. F., Zolin, R., and Hartman]. L. (2009). The central role of communication
developing trust andits effects on employee involvementJournal of Business
Communication46(3), 287-310.



Tindall, D.B. (2002) Social Networks, ldentification, and Participaiioran Environmental
Movement: Low-medium Cost Activism Within The British Columbia Wildeses
Preservation MovementanadianReviewof Sociology and Anthropolog$9(4):413-452.

Tsai, W., and GhoshalS. (1998). Social capital and value creation: The role of intrafirm
networks. Academy of management Journ&l(4), 464-476.

Von Hippel, E. (2001). Learning from open-source softwdT Sloan management
review 42(4), 82-86.

Walther,J. B., and DOAddari&. P. (2001). The impacts of emoticons on message interpretation
in computer-mediated communicati@ocial science computezview 19(3), 324-347.

Wellman, B.,Salaff, J., Dimitrova, D., Garton, L., Gulia, M., and Haythornthwaite, C. (1996).
Computer networksas social networks: Collaborative work, telework, and virtual
community.Annualreviewof sociology 213-238

Wooldbridge J. M.,(2002).Econometric Analysis of Cross Section and Panel Data

Zhang, J., SohP. H., and WongP. K. (2010). Entrepreneurial resource acquisition through
indirect ties: Compensatoryeffects of prior knowledge.Journal of ManagemenB6(2),
511-536.

Zaheer, A., McEvily, B., and Perron¥, (1998). Does trust matter? Exploring tbiects of
interorganizational and interpersonal trust on performa@rganization Science,(9),
141D159.



Table 1. Descriptive statisticsof variables

Obs Mean Std. 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15

1|Breadth of topics 324 2.56 1.57 |1.00
2|Closeness 321 5.19 1.69  |0.39*** ]
3| Competence-based 166 6.29 0.81 [0.09 017 |1

Trust
4|Benevolence-based 158 5.86 141 [035%+%  [074%%x [0.17%* |1

Trust
5 8(‘)‘;')‘1"3“’" Centrality | 35, -0.30 0.68 |0.68*** [0.06 0.19%  0.07 1

Dyadic communication | = 533 0.11 0.46 |-0.03 0.05 0.08 0.05 0.03 1

of emotional support

Dyadic communication | = ;34 0.09 034 [0.16*** |-0.06 0.11 -0.06 025%* |0.11%+ |1

of professional advice
8|Frequency 324 3.58 125 [021%** |-0.02 0.21%** |-0.02 031*** |-0.09 0.09 1
9|Age 324 3.42 0.62 [0.04 0.13*  |-0.13 0.12%*  [0.03 0.01 -0.01 0.11% |1
10|Gender (male) 324 0.69 046 |-0.05 0.01 -0.15 -0.02 -0.11%*  0.04 0.02 0.01 0.13*+ |1
11 |Serial entrepreneur 324 0.69 046 [0.12** [0.09*  [0.01 0.10*  [0.18*** [.0.05 20.10%  |0.09*  [0.01 017+ |1
12|Firm history 336 245 111 |oa2¢  |0.09*  |-0.06 0.10*  [0.14*** |.0.09 0.01 0.13%*  [0.38*+* [032%+* (0,08 1
13 [Membership (1 year) 344 0.13 033 [0.02 -0.02 0.09 -0.01 -0.02 0.07 0.06 0.07 020%*+ |-0.04 0174 |-0.03 1
14|Membership (2 years) | 344 0.15 036 |-0.17#** |-0.06 -0.10 -0.05 -0.12¢  |-0.01 -0.06 -0.04 0.03 0.08 0.08 0.03 0.16%+* |1
15| With prior tie 344 0.26 0.44 0.0 -0.04 -0.03 -0.03 -0.03 0.02 0.03 0.07 -0.02 0.09 -0.02 0.01 0.27++* |.0.05




Table 2. Resultfor variablesGlescriptions

Variables

Description

Breadth of topics

Summing of whether each of six topics (family, friends, politics, loca
events, work and leisure) has been talked

Benevolence-based Trust

Unweighted average of all items (1 to 7 Likert scale)

Competence-based Trust

Unweighted average of all items (1 to 7 Likert scale)

Out-degree Centrality (log

Log value using Freeman's method

Dyadic communication of
emotional support

Summing of how many times of emotional support has been exchar
between two particular members

Dyadic communication of
useful information

Summing of how many times of useful information has been exchan
between two particular members

Fregeuncy

Four categories ranging from less than once per week to more than
per day

Age

Six categories from less than 19 yrs old to more than 55 yrs old

Gender (male)

Dummy variable with 1 for male and 0 for female

Serial entrepreneur

Dummy variable with 1 for being an serial entrepreneur and O for
otherwise

Firm history

Six cateogries ranging from less than 6 months to more than 7 year:

With prior tie

Coded 1 for known before joining the community

Membership (<12 months)

Coded 1 for known for less than 12 months and O for otherwise

Membership (12-24 month

<Joded 1 for known 12- 24 months and O for otherwise




Table 3. Resultof confirmative factor analysisfor the trust items

Factor Loading

Competence-based trust (Cronbach's alpha) 0.86
Based on my interaction with this person, | would rate his/her 0.78
business conduct and advice as highly professional. :
Given this person's track record, | see no reason to doubt his 0.83
competence. :
Most people, even those who aren't close friends of this pers 0.76
trust and respect his/her expertise in his/her field. '
Other people who know him/her also consider him/her to be 0.66
trustworthy. :
Benevolence-based trust (Cronbach's alpha) 0.93
We can both freely share our ideas, feelings, and hopes. 0.88
| can talk freely to this individual about difficulties | am having 0.91
work and know that (s)he will want to listen. :

If I shared my problems with this person, | know (s)he would 0.84
respond constructively and caringly. :

| would have to say that we have both made considerable 0.87
emotional investments in our working relationship. :
Goodness of fit index

Chi-square 71.422
CFI 0.936
RMSEA 0.117

RMSEA(90% CI)

(0.091, 0.145)




Figure 1. The establishmentof competencebasedtrust

One Conversation Accumulation
Q‘ E Y ~‘ E
— Direct interaction  ----- + Silent learning — Direct interaction  ----- + Silent learning

Figure 2. Out-degreecentrality of eachmemberfor total communication
(Period:Oct 18,2014to Jan17,2015)




Figure 3. Out-degreecentrality scoreof eachmemberfor providing professionaladvice
(Period:Oct 18,2014to Jan17,2015)

Figure 4. Out-degreecentrality scoreof eachmemberfor providing emotional support
(Period:Oct 18,2014to Jan17,2015)
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Table 4. Out-DegreeCentrality Summary

Total Professional Advice Emotional Support
Normlized Normlized Normlized

OutDegree OutDegree OutDegree OutDegree OutDegree OutDegree
Mean 151.686 1.173 2.876 0.342 3.533 0.35
Std Dev 229.035 1.771 6.213 0.74 8.622 0.855
Table 5. OLS regressionof trusts on dyadic communication

1) ) 3) 4)
Benevolence- Benevolence- Competence- Competence-

VARIABLES based Trust based Trust based Trust based Trust
Frequency -0.107 -0.0383 0.138** 0.129**
Age 0.120 0.104 -0.145 -0.150
Gender (male) -0.321 -0.207 -0.201 -0.222
Serial entrepreneur 0.348 0.508 0.0383 0.0560
Firm history 0.161* 0.131 -0.00144 0.00170
Membership (<12 months) 0.0406 0.571* 0.154 0.127
Membership (12-24 months) -0.180 -0.127 -0.167 -0.153
With prior tie -0.0825 -0.257 -0.133 -0.129
Dyadic communication of
emotional support 0.451***
Dyadic communication of
professional advice 0.218**
Constant 5.458%* 5.136*** 6.446*** 6.465***
Observations 154 152 164 164
R-squared 0.042 0.080 0.089 0.098
Adjusted R-squared 0.011 0.022 0.042 0.045

*kk p<O_Ol' *% p<005’ * p<01



Table 6. Hierarchical OLS regressionon trusts and network structure



Table 7. OLS regressionof out-degreecentrality and membership

1)
Out-degree Centrality
VARIABLES (log)
Frequency 0.158***
Age -0.0457
Gender (male) -0.198**
Serial entrepreneur 0.174**
Firm history 0.105***
Membership (<12 months) -0.0886
Membership (12-24 months) -0.205**
With prior tie -0.0826
Constant -0.855***
Observations 318
R-squared 0.159
Adjusted R-squared 0.137

Kk p<0.011 *% p<0_05, * p<0_1



Table 8. Path analysis from online communication to breadth of topics via trusts and
centrality



